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Rubets Anton. Development of the ann complex model for analysis of large amounts of data in real time. A complex 
model of artificial neural network analysis of large amounts of data was considered. It is shown that the model can be based on an 
algorithm of feedforward neural network architecture. A basic procedure for predicting and identifying system problems that arise 
when processing large data sets in real time is defined. The criteria that must be introduced to compare and analyze the 
performance of the neural networks are indicated. Dependences of performance indicators, root-mean-square error and coefficient 
of mixed correlation depending on the training mode and control of the neural network algorithm learning were demonstrated. The 
cross-validation ensemble artifical neural network technique was compared to the classic artificial neural network and modern 
machining learning algorithms. Finally, it was presented algorithm which included the estimation of best-trained cross-validation 
ensemble artificial neural network, which was used for prediction of the time of failure of the system. 

Key words: neural network algorithm, data mining, feedforward neural network, coefficient of mixed correlation, 
randomization. 
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. 4.  TD-VD. 
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