DEMOGRAPHY, ECONOMY OF LABOUR, SOCIAL ECONOMY AND POLICY

)

Nt

Rahmah Ismail Hazrul Izuan Shabhiri Ferayuliani Yuliyusman
PhD (Economics), PhD (Economics), MEc (Economics),
National University of Malaysia National University of Malaysia MKIC International College,
(University Kebangsaan Malaysia), (University Kebangsaan Malaysia) Jalan Sultan Sulaiman,
Bangi, Selangor, 43600, Malaysia Bangi Selangor, 43600, Malaysia Bandar Al-Muktafi Billah Shah,
rahis@ukm.edu.my hazrul@ukm.edu.my Dungun, Terengganu, 23400, Malaysia

ferafyy@gmail.com

Occupational selectivity bias and
gender wage gap in Malaysian manufacturing sector

Abstract. This paper aims to investigate gender occupational segregation and wage differentials in Malaysian manufacturing sec-
tor using 812 sample of working households collected in 2010-2011. They consist of 545 males and 267 females. The wage decom-
position model is used to examine determinants of gender wage differentials. Most studies on gender wage differentials in Malaysia
do not take into account the occupational selectivity bias. But in this study, we measure the selectivity bias using gender occupa-
tional segregation and incorporate it in the gender wage models. The results show that the sample selection bias is a crucial con-
tribution to gender wage gap and it reduces the contribution of the explained variables. The results demonstrate that the role of dis-
crimination is still pertinent in the Malaysian labour market that substantially affect the gender wage differentials.
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Buknaga4y, MAPA KeTeHrax Mi>xkHapoaHuii koneax, banaap An-MykTtadi bBinnax Wax, Manansia

MpodeciiHa ynepepkeHicTb i reHAepHi BigMiHHOCTI B 3apo6iTHii nnati y BUpo6HuM4omy cektopi Manamsii

AHoTauiA. MNMpeacTtaBneHa cTaTTa € AOCNiAKEHHAM NPOgECiHOI cerperawii Ta reHAepHUX PO3X0IXKEHb Y 3apObiTHIV nnaTi y Bu-
PO6HNYOMY CeKTOpi Manansincbkoi eKoHomiku. [aHi 6ynum 3i6paHi y 2010-2011 pp. wnAaxom onutyeaHHA 812 npauiBHKKIB, 3ai-
HATUX Y LN ranysi, cepen AKNx 545 yonosikiB i 267 XiHOK. [nA BUBYEHHA OeTEPMIHAHT reHaepHoi audepeHuiauii 3apobiTHOI
nnatu, aBTopaMu BUKOpMCTaHa MOAeNb 3pyLleHb B onnarti npadi. binbwicTb gocnigxeHs y Ui cchepi B Manaisii nommnkoso He
6epyTb [0 yBaryn npodecinHy cknanoBy CENeKTUBHOCTI. HaTomicTb MM po3rnagaeMo npuuvHU nodibHoi cerperauii 3a gpoma
BEKTOpaMn — reHAepHUM Ta NpopecinHnM, BKIHOYa0UM NPOgECiiHY ynepemXeHiCTb Y MOAeNb reHaepHOi 3apobiTHOI nnaTu.
[JaHi gocnig>xeHHA BKa3yloTb Ha 6ifibL BaroMuii BHECOK reHAepHOro (hakTopy B pO3pUB MO 3apobiTHIM nnaTti Ta 3MEHLEHHA poni
iHWKWX 3MiHHUX. OTpYMaHi HamK pe3ynbTaTu CBigYaTh NMPO Te, WO Posb ANCKPUMIHALII, AK i paHilwe, akTyasnbHa Ha pUHKY npadi
B Manansii, o CyTTEBO BNAMBAE HA PI3HULIEO B 3apOBITHIN MnaTi YONoBIKiB i XXiHOK.

KntovoBi cnosa: npodpeciiHa cerperauif; reHaepHWUIA po3puyB Y 3apnnarti; 3pyLeHHA B onnarti npaui; AuckpumiHauis; Manainsis.
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npenogasatens, MAPA KeTeHrax mexxayHapoaHbii konnenx, baHgap An-MykTtadu bunnax Lax, Mananaua
MpodeccuoHanbHaA NpeaB3ATOCTb U FreHAepHble pa3nuyua B 3apaboTHoM nnarte

B Npou3BoAcTBEHHOM ceKkTope Manaiauu

AHHOTauuA. JTa cTaTbA ABMAETCA UCCNeAO0BaHMEM NPodecCUoHanbHOW cerperaunm 1 reHaepHbIX pasnuynin B 3apaboTHON
nnaTe B ManasuinckoMm cekTope obpabaTbiBatoLien NpoMbILIeHHOCTU. JaHHble 6biin cobpanbl B 2010-2011 rr. nyTem onpoca
812 pabOTHUKOB, 3aHATLIX B 3TON OTPACAM, U3 KOTOPbIX 545 My>XUMH U 267 XeHWWH. [nA ndy4yeHnA AeTEePMUHAHT reHaepHON
avddepeHumaummn 3apaboTHOM NNaThl, aBTOpPamu UCnonb3oBaHa MoAesb CABUIOB B onnaTe Tpyaa. bonbwmMHCTBO nccneaosa-
HWI B faHHOM obnacTtu B Manansmm olwmnboYHO HE NPUHMMAOT BO BHUMAaHWE NPOeCcCnoHanbHy0 COCTaBAOLLYIO CENIEKTUBHO-
cTu. Mbl paccmaTtprBaem nNpuynHbLI NOA06HON cerperaummn No AByM BEKTOpam — reHAepHOMY M npodheccnoHansHoMy, BKAYanA
npodeccroHanbHyo NPeaB3ATOCTb B MOAENb reHAepHOV 3apaboTHOM nnaThl. [JlaHHbIe NccnefoBaHNA yKasbiBaloT Ha 6onee Be-
COMbIN BKNag reHaepHoro akropa B pas3pbiB No 3apaboTHOM nnaTe U YMEeHbLUeHWe ponun ApYrx nepeMeHHbIX. [onyyeHHble
Hamu pe3ynbTaTbl CBUAETENLCTBYIOT O TOM, YTO POSb AUCKPUMMUHALMK NO-NPEXXHEMY akTyarnbHa Ha pbliHKe Tpyaa B Mananawum,
YTO CYLLECTBEHHO BMIMAET Ha pasHuLy B 3apaboTHOM NiaTe My>UMH U XKEHLLUH.

KnioueBble cnoBa: npodeccrmoHanbHaaA cerperauma; reHaepHbIn pas3pbiB 3apnnaThl; CABUMM B onnaTe TpyAa; ANCKPUMUHALMNA;
Manawsus.
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Introduction. Gender wage differentials by job category are
important indicators for wages paid. This is based on a strong
positive relationship between human capital attainment and job
category. As stipulated by the screening theory, employers use
human capital or education attainment as a screening device
when hiring workers according to job category, where the hig-
her the job ranks the higher the level of education needed
(Spence, 1973) [1]. The wage gap would not exist if workers
were paid according to job category or if it was perceived that
they had the same level of productivity. As female workers often
work in certain sectors, they may paid lower wage because of
crowding out of many female supply (Groshen, 1991 [2];
Petterson & Morgan, 1995 [3]).

However, even after controlling for gender occupational seg-
regation, same occupation may have different pay for males and
females, where females receive lower wages (Miller, 1987 [4];
Dolton & Kidd [5], 1994; Kidd, 1993 [6]; Liu et al., 2004 [7]). This
phenomenon is due to employers’ discrimination against
women.

Apart from individuals’ characteristics and discrimination,
gender wage differentials in the Malaysian manufacturing sec-
tor may be due to job segregation between males and females.
Males tend to hold a more organized and systematic jobs, while
females may not end up with job according to their priority.
Therefore, to what extent occupational segregation contribute to
gender wage differentials remains unresolved and need to be
studied. Failure to include occupational selectivity bias may
result in bias estimation. In Malaysia, most studies on gender
wage differentials do not estimate the wage models according
to occupational categories and gender but rather include occu-
pational characteristics in the independent variables (Chua,
1984 [8]; Chapman & Harding, 1985 [9]; Latifah, 1998 [10];
Rahmah & Idris, 2012 [11]; Rahmah et al., 2012 [12]). The pre-
sent study will estimate the wage models using pooled sample,
male sample and female sample and include the selectivity
bias in the model beside other wage determinants variables.

This paper is organized into five sections. Section Il is the
literature review followed by the methodology in Section Ill.
Section IV examines the results of the regression estimates and
the decomposition of the wage differentials, while Section V is
the summary and conclusion.

Literature Review. Polachek (1975 [13]; 1981 [14]) identi-
fies that the biggest part of gender wage differentials could be
explained by differences in human capital stock. It has also
been widely shown that the experience related variables (years
of working experience, years of job tenure) have a significant
effect on male-female earnings differentials (Mincer &
Polachek, 1974 [15]; Polachek, 1981 [14]; Mincer & Ofek, 1981
[16]; O’Neill, 1985 [17]; Bergmann, 1989 [18]). Lerman (1997)
[19] found that between 1984 and 1995, wage growth rate
among the more educated workers was higher than that of the
less educated workers, especially for females. Consequently,
this reduces the male-female wage gap at all educational levels
and the total wage gap decreased by 44% or 13 percentage
points. Sicilian and Grossberg (2001) [20] found that nearly
40% of the gender wage gap in the United States is unex-
plained. Training plays a minor role in the wage gap but other
human capital variables, including occupation and industry
characteristics, are important determinants.

A study by Meng (1998) [21] and Meng and Miller (1995)
[22] in China showed that females receive 20% less wage than
males. The highest percentage of gender wage differentials is
attributed to discrimination and makes up about 84% to 102%
of the differentials using female weighted and male weighted,
respectively. When an Occupation dummy is included in the
wage model, the contribution of discrimination reduced to about
78% 1o 91%. Neuman and Weisberg (1998) [23] demonstrated
similar findings in Israel, where over 70% of the gender wage
differences stemmed from discrimination and only 30% from
gender difference characteristics.

Luzzi (1998) [24] studied gender differences in wages in
Switzerland and found that unexplained variables play a greater
role than differences in human capital characteristics, which
implies that discrimination is an important element of gender
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differences in wage. Further, this study found that the percen-
tage contribution of human capital variables to gender wage
gap increased slightly from 47% in 1991 to 49% in 1995. A
study by Fishclova (2002) [25], using Czech and European
Union data, shows that about 52% of the gender wage gap is
due to discrimination. Using a sample of college graduates in
the United States, Graham and Smith (2002) [26] found that the
female graduates received 20% less wages than their male
counterparts. Further, this study found that job characteristics
explain 60% of gender wage differentials.

A study by Dong and Zhang (2008) [27], using data of
1,500 firms in China, showed that females received significant-
ly lower wages than males due to differences in their producti-
vity, but not through any discriminatory practice by the emp-
loyers. Further, the same study found that gender wage
differentials in China are more prevalent among the unskilled
workers. In contrast, a study by Jones and Tanaka (2008) [28],
using a three country data set, i.e. Japan, Russia and the
United States, found a huge percentage of male advantage and
female disadvantage that was attributed to gender wage diffe-
rentials. The characteristic variables contribute less than 30% of
gender wage differentials in Japan and their contribution is bare-
ly 5% in Russia and 11.6% in the United States. This indicates
that discriminatory practice plays a major role in determining
gender wage differentials in these countries. Solberg (2004)
[29] introduced a different dimension when estimating gender
wage differentials. He argued that occupational choice plays an
important role in determining gender wage differentials. When
this variable was incorporated into the model, he found that part
of the gender wage gap was due to gender occupational pre-
ferences that lie between 15.6% and 18.4%.

Occupational segregation may not be on the voluntary
basis, but females involuntarily engange in the less attractive
jobs because of employers’ choice. By taking care of the occu-
pational segregation between males and females, Demoussis
et al. (2010) [30] estimate the separate occupational wage func-
tion and decomposed gender wage gap into two components,
within occupational and between occupational differentials.
They found that the contribution of explained variables to total
differentials was slightly higher then the unexplained and within
occupational differentials was higher then between occupational
differentials. The explained variables constitue the large per-
centage of within occupational differentials, but between occu-
pational differentials was largely due to unexplained variables.

Chapman and Harding (1985) [9] found that the most
important determinants of average wage differences are the dif-
ferences in the occupational distribution of men and women,
whereby women tend to be in low paying occupations.
Furthermore, they found that females only earn about 71% of
the males’ earnings. Latifah (1998) [10] found that about 87.5%
to 93.9% of gender earnings differentials in Malaysia are attrib-
uted to the unexplained variables. The explained variables con-
tribute to less than 10% of earnings differentials. This reflects
the fact that the discriminatory practice is quite serious in the
Malaysian labour market.

In more recent studies, Rahmah and Idris (2012) [11]
showed that unexplained variables contribute about 76.3% of
the male-female wage differentials. Rahmah et al. (2012) [12]
found quite similar results. In this study, the unexplained va-
riables contribute about 79.62% of the gender wage differen-
tials. The only study in Malaysia that includes occupational
selectivity bias is by Goy and Jones (2012) [31]. They estima-
ted a separate wage model for different job categories and
found that within occupational factor is the main cause of gen-
der wage gap accounted for more than 80%. Gender earnings
gap on rewards to characteristics or differences in coefficients
constitutes a large percentage of within occupational differen-
tials and selectivity bias played a significant role in determining
gender wage differentials.

Methodology. In most recent studies (Demoussis et al.,
2010 [30]; Goy & Johnes, 2012 [31]), there is an argument on
the estimated probabilities of occupational distribution. As noted
by Goy and Johnes (2012), gender differences in characteristics
cannot sufficiently explain the female’s concentration in low-paid
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occupations. In other words, the differences among the females
estimated occupational distribution " and their actual values
1 might be originated from the selectivity bias in the allocation
of females into each occupation. Therefore, this study applies a
methodology that accounts for sample selection bias in the esti-
mation of wage regressions (equation 1) for males and females.
For this purpose, first we estimate the multinomial logit model
(equation 3) for the sample of males and females, separately.
Second, the inverse Mills ratio! ( Z;) is calculated utilizing the
information provided from the multinomial logit estimations. In
the final step, the calculated mills ratios are used as indepen-
dent variables in the estimation of the wage regressions.

It is well documented that the occupational choice general-
ly approaches through a reduced form multinomial logit model
(Brown et al., 1980 [32]; Constant & Zimmerman, 2003 [33]; Liu
et al., 2004 [7]). Therefore, applying the reduced form of the
multinomial logit model, we can calculate the probability that an
individual, with known characteristics, will choose one occupa-
tion among a set of alternative occupations. Accordingly, the
probability of the i, individual for being in the j, occupation as
a function of individual characteristics X; is as follows.

In the present study we categorized all jobs to four groups
by merging some occupational groups. The reason is that some
occupations in the sample are reported by a very small number
of males or females, therefore we have combined some of the
existing occupational categories, which seem to be perfect or
very close substitutes. These four occupational categories facil-
itate the estimation of wage regressions and ensure the distinc-
tion of available alternative choices (Constant & Zimmerman,
2008 [33]). The rearrangement of the job categories based on
Demoussis et al. (2010) [30] is presented in table (1).

Fij = B-(y; = Oueupalion j) = exp(ccj X,-_:] [ B explnX;) (1)
i—1,22, i~ 1234

where ¢, is a vector of parameters to be estimated and X;
is a matrix of individual characteristics that determine human
capital attributes, corresponding to the j, occupation. Since in
this method one occupation is considered as the reference
occupation, the vector of the estimated coefficients of that job
category is assumed to be zero following other studies
(Mendes, 2009 [34]; Demoussis et al., 2010 [30]; Goy &
Johnes, 2012 [31]). In order to calculate the predicted distribu-
tion of females, we first estimate the model using the multino-
mial logit method for the male sub-sample and then substitute
the female characteristics into the estimated male multinomial
equations. The final step is to sum up the predicted probabilities
over observations to obtain the predicted female occupational
distribution, ¥ (Demoussis et al., 2010) [30].

Inw™ = XPBI + GO + 2)

nw! = x[pl +&f0f +u], 3)

were [nw indicates natural logarithm of the hourly wage rate
and X; is a matrix of individual characteristics that determine
human capital attributes consist of years of education, worker
experience and its square term, marital status, being a full time
employee and working in governmental, service or manufactu-
ring sector. § is the matrix of parameters to be estimated and
u, is the error term. Subscripts i and j show i, worker and the
Ju, €Xplanatory variables. 4; indicates the calculated inverse
Mills ratios and . are parameters to be estimated. Now every-
thing seems to be provided to decompose the gender wage dif-
ferentials after controlling for the sample selectivity bias occur-
red from the non-random distribution of the occupational choice.

The mean log monthly earnings differential sum with the
selectivity bias is expressed as:

Tt — iy = Y0 —E0F o+ 5Em (B — § ) + TE] (F+—5, ) + S0 - 89, (4)

where the first term on the right hand side of the equation
(4) indicates the explain portion of the gender wage gap and the
second and third terms are the unexplained portion. The rest of
the terms on the right hand side are the differences that due to
selectivity bias. The unexplained part is interpreted as wage dis-
crimination. The analysis is based on the data collected from
the field survey in 2010. The survey covers 812 heads of house-
holds working in the manufacturing sector were selected for the
analysis. They comprise of 545 males and 267 females.

Results. Table 1 presents the descriptive statistics of the
independent variables and the dependent variables. The
dependent variable, the mean value of natural logarithm of
hourly wage, is 2.3771 or RM13.3562 overall, but 2.4329
(RM13.4857) for males and 2.2632 (RM13.092) for females.
The mean years of schooling and working experience are
slightly higher for males as compared to females. The majori-
ty of males and females are Malays, which comprise of more
than half of the respective total sample. Approximately 13% of
male heads of household and 8% of female heads of house-
hold are employed as professional workers. The percentage of
heads of household working in the private sector and in full-
time employment is higher for males than for females. How-
ever, the percentage of females involved as technical workers
is higher compared to males.

Tab. 1: Descriptive Statistics for Overall Sample, Female
Workers and Male Workers

Variable Obs. Mean 5td. Dev.
Total
Hours wages 312 13.3562 9.7612
logarithm wage rate 812 2.3771 0.6495
Years of schooling 312 11.5012 3.08599
Lxperiches H12 129126 9.58/
Fxperience squared 217 2585317 336.5685
Malay H12 0.6404 [.4903
Chinese H12 0.35%6 [.4802
Full time Hg12 0.7845 04114
Marilal slalus H12 O.hhh4 [0.4972
Professional dummy g12 01z 03216
Technical dummy H12 0.1244 [.3302
Male
Hours wages 545 13.4857 8.1738
Lh wage 545 2.4329 0.591
Years of schooling 545 11.5845 3.1203
Experience 545 14,1334 10.07592
Experience squared 545 301.1567 369.4468
Malay 545 0.5508 0.5069
Chinese 545 0.3927 0.4888
Full tirne G405 0.789 0.4084
Marilal slalus hdh (1. 545 [.49H4
Professional durmmy EEEY 01321 [.4389
Technical durmmy S45 01229 0.4287
Female
Hours wages 267 13.092 12.4071
Ln wage 26/ 22632 0./434
Years of schooling 264 11.3333 2863
Lxperichee 26/ 10.4206 F.9482
Lxpecrichce squarcd 267 1/1.525/ 2343305
Malay 26/ 0.618 0.4868
Chincsc 26/ 0.2821 0.456
1 ull tirne 26/ 0.//53 0.4181
Marital status 26/ 0.5/68 (1.445
Professional dumnmy 26/ D.0861 0.2811
lechnical dummy 26/ 01273 0.334

Source: Field Survey, 2010

1The inverse Mills ratio is the ratio of the probability density function over the cumulative distribution function of a distribution. In the present study; it
is calculated applying STATA/SE 11.2 (Data Analysis and Statistical Software), where 1 - i3 % 113 /i10:: % 1, o] iS the standard normal density function
f.)=¢ '(FL ¢ is the standard normal distribution function of multinomial logit probabilities (Demoussis et al., 2010).
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Estimation Results of Wage Model. Table 2 presents the
results of regression estimate for overall sample, male sample
and female sample with sample selectivity bias. The inclusion
of inverse mills ratio in the regression increase the R’ but most
of the coefficient of IMR are not statistically significant especial-
ly for the female sample. The estimation results for the overall
sample and male sample are quite similar with the previous
results (without IMR), but most of the coefficient for the female
sample are not statistically significant.

Conclusion. The study examines the determinants of the
gender wage level and wage gap by taking into account the
occupational selectivity bias. The study finds that the employers’
discriminatory practice as indicated by the unexplained factors
is quite pertinent in the Malaysian labour market. This give a sig-
nal, to the government to form labour market policy that can
curb discrimination from occurs in the labour market. The occu-
pational selectivity bias also contributes to the gender wage
gap. This partly may come from gender choice. The females

may choose to work in a sector with low pay

Tab. 2: Estimated wage equation regression for overall Sample, Male Workers and Female

Workers with Sample Selectivity Bias

but ample time to be spent with their families.
Having said that, we cannot denied the diffi-
culties facing by the females in securing good

In (Hourly Wages) Overall Sample Male Warkers Female Workers jobs because they have to compare with the
Years of schooling 00475 (0011155 | 7.6685 (0.7537)°+7 0058 male and the same time to attract the
(1.09386) employers who are ba§|cally p.refe.r the malgs
Expericnce 0.0230 -0.5127 (0.1608)F=F 0.2553 to be employed in their organizations. Agaln,
(0.0058)*** [0.3852) the appropriate screening devices will lessen
Experience squared -0.0008 (0.0002)*** 0.0038 (0.0013)"** -0,0059 the biasness among the employers in select-
(0.0154) ing their employees. Without this, employers
Malay 01775 -7.2655 -1.8399 tend to guess and perceive that the males are
(0.0478)"+" (4.3191) (1.7912) more productive than the females.
Chincse 0.1928 -5.9291 -2.3056 References
(0.0403) %> (4.3995) (3.9937) 1. Spence, M. A. (1973). Job Market Signalling. Quarterly Journal of
i _ Economics, 87(3), 355-374.
Full time 0.1248 . 5'64?1 3.6078 2. Groshen, E. L. (1991). The Structure of Female / Male Wage
(0.0708) (5.0337) (4.8844) Differentials: Is It Who You Are, What You Do or Where You Work?
Marital status 0.0556 -3.6811 (1.3013)*** “2.6175 ‘:Jioug’r;?elzr?esu?ar:&Rr\e;lso(;ggcnesL2%2)£1‘;59§)47§éparale and Unequal:
(0.0442) (10.6915) Ciccupation-’Esi%blishment éexl Segregatidn and The Gender Wagé
Prafessional dummy 02816 0.0538 1.8530 (D.0920)%+* faﬁ\-ﬂ ﬁ\lmeri'gawm(i;gg;?f ST%ciol\%;y, 1015(?' t32€>f-9»%5;. o ional
y . Miller, P W. . The Wage Effect of The Occupational
(0.0591)* " (0.0727) Segregation of Women in Britain. The Economic Journal, 97(388),
Technical dummy 0.0480 0.0788 -0.0223 885-896. Retrieved from http://www.jstor.org/stable/2233078
5. Dolton, P. J., & Kidd, M. P. (1994). Occupational Access and Wage
MR1 (SS:SIJ N 156;0(.{?205‘?5) e ((:??:;[?J Discrimination. Oxford Bulletin of Economics and Statistics, 56(4),
- . . - . 457474,
(0006 )=+ (0.4227) 6. Kidd, M. P. (1993). Sex Discrimination and Occupational Segregation
- . in the Australian Labour Market. Economic Record, 6(204), 44-55.
TMRZ 00171 -1.787 0.7507 7 Liu, P. W, Zhang, J., & Chong, S. C. (2004). Occupational
(0.0132) {1.2660) (1.3322) Segregation and Wage Differentials between Natives and Immigrants:
_ - - - . Evidence from Hong Kong. Journal of Development Economics,
1MK3 -0.09449 (00213 -0./200 -1.436/ 73(1), 395-413.
(L1 75ty | R (ot oot e v 0
Constant 2.8317 52.8122 (13.3893)**~ 24,7418 9. Chapmaﬁ, B. J., & Harding, J R. (1985). Sex Differences in
(5_71 )g)*** (;-4_1 30)}*** Earnings: An Analysis of Malaysian Wage Data. Journal of
. Development Studies, 21(3), 362-376.
Mumber of observation 812 215 257 10. Latifah, Mohd. Nor. (1998). An Overview of Gender Earnings
R-squared 0.3997 0.2545 0.7611 Differentials in Peninsular Malaysia. Journal of Economics and
Management, 6(1), 23-49.
F-test 44.33 15.14 67.43 11. Rahmah, I., & Idris, J. (2012). Gender Wage Differentials and
(0. D00 y=E (D.0D0)#** (0.0 Discrimination in Malaysian Labour Market. World Applied Science

Motes: Dependent variable is the logarithm of hourly wages

Inverse mills ratio is the cccupational selectivity term as described in the text

Figureas in parenlheses reler Lo slandards errors
wEdk owd o donote statistical significant at 1, 5 and 10% lovels

Journal, 19(5), 719-728.

12. Rahmah, I., Zulkifly, O, & Shazwani, A. M. (2012). Gender Wage
Differentials in the Information and Communication Technology Sector
in Malaysia. Technology Journal (Jurnal Teknologi), 63(1), 41-50.

13. Polachek, S. W. (1975). Differences in Post School Investment as
a Determinant of Market Wage Differentials. International Economic

Source: Estimated from field survey data collected in 2010

Wage Gap Decomposition. Table 3 presents the male fe-
male wage decomposition with the selectivity bias. When the
selectivity bias is considered in computing the wage gap, it
reduces the role of the explained part to only 20.3%. The role of
the unexplained portion increase to 63.4% and the selectivity
bias contributes 16.3% of the wage gap. Therefore, the unex-
plained portion of gender wage gap still plays an important role
regardless of the selectivity bias or not. This shown the degree
of discriminatory practice in the Malaysian-manufacturing sec-
tor is still at large.

Tab. 3: Wage gap decomposition with
selectivity bias
Variable Decomposition
Explaincd 0.040
(% of total differentials) (20.3)
Male Advantage 0.057
(% of total differentials) (28.9)
Fernale Disadvantage 0.058
(% of total differentials) (34.5)
Total Treatment Effect 0.125
(4% of total differentials) (63.4)
Selectivity Blas 0.032
(156.3)
Total Diffcrential 0.157
(100.0)

Source: Computed from the estimation results in Table 2
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