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HISTORICAL SIMULATION OF VALUE-AT-RISK MODEL: RESULTS & ASSESSMENT

ICTOPUYHA CUMVYJIAIIA MOJAEJIT VALUE-AT-RISK: PE3YJIBTATHU TA OLIHKA

In this paper two variables are be tested for the importance in the Historical Simulation Value-at-Risk (VaR) estimation
model. These variables are the Price-to-Earnings (P/E) ratio and the leverage ratio. These are some of the main indicators
for any equity with respect to earnings and the probability of bankruptcy (probably, one of the most directly related to the
risk measurement).
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VY wmi#t crarTi ABi 3MiHHI Oy/yTh IPOTECTOBaHI Ha MpEIMET IX 3HAYYIIOCTI B ICTOPUYHIA CHMYIIAIIT MOJEI] OLIHKH
pusukiB Value-at-Risk (VaR). Llumu 3MiHHIMEU BU3HAUYCHI BiTHOIICHHS IIHA aKIii KoMmaHii 10 ii yncroro mpudyTky (P/E)
Ta 9acTKa TO3WYKOBUX KOIITIB IO BiIHOMICHHIO 10 aKI[IOHEPHOTO KaIliTary. TakiuM YHHOM OyAyTh MPOTECTOBAHI JesKi 3
OCHOBHUX TIOKa3HHKIB JUIsi Oy/Ib-sIKOi KOMITaHii OB’ si3aHi 3 MPUOYTKOBICTIO 1 IMOBIpHICTIO OAHKPYTCTBA (HAIEBHO, OJHI
3 HaHOLIbII OE3MOCEPEAHBO MOB'SI3aHUX 3 BUMIPIOBAaHHIM (DiIHAHCOBOT'O PU3HUKY).

KurouoBi ciioBa: cucremuo-axxiuBuii Gpinancosuid incrutyt (CB®I), Price-to-Earnings (P/E), Debt/Equity, Value-at
Risk (VaR), npouemypa pamxyBaHHs, (piHAHCOBHH PU3UK-MEHEPKMEHT.

B a70i1 cTarbe 1Be epeMeHHbIe OylyT IPOTECTUPOBAHBI HA PEAMET MX 3HAYMMOCTH B ICTOPUUECKOH CHMYIISILIMN MOJIEIH
orieHkH prckoB Value-at Risk (VaR). DTumu niepeMeHHbIMH 0003HAYCHBI OTHOMICHUE IICHBI aKI[MH KOMITAHUH K €€ YHUCTOI
npuOb (P/E) 1 1onst 3aeMHBIX CPEJICTB MO OTHOILICHHIO K pa3Mepy akIMOHEpHOro Kamuraia. Takum oOpaszom, OymyT
[IPOTECTUPOBAHBI HEKOTOPBIE U3 OCHOBHBIX ITOKA3aTeIIe JUIsl JTI0001 KOMITAaHUH CBSI3aHHBIE C IPHOBUTBHOCTBIO U BEPOSITHOCTHIO
GaHKpOTCTBA (HaBEpHOE, OHH M3 HaHOO0JIee HEMOCPEICTBEHHO CBSI3aHHBIX C N3MEPEHHEM (PMHAHCOBOTO PHCKA).

KuaroueBble ci0Ba: CHCTEeMHO-BaXHBIN (uHaHCOBBIH HHCTHTYT (CB®U), Price-to-Earnings (P/E), Debt/Equity,
Value-at Risk (VaR), mporenypa pamkupoBaHusi, QUHAHCOBEIA PUCK-MEHEKMEHT.

Introduction. Value-at Risk (VaR) is a tool that is
employed primarily in financial risk management as it can
be classified as a risk measure of the risk of a loss occur-
ring in a given timeframe on a specific portfolio of financial
assets. All of the systematically important financial institu-
tion (SIFI) including globally operating banks, insurance

companies and any other financial institution that enjoys
the global interconnectivity to the extent that its failure
could trigger a financial crises are indeed employing VaR
as a risk measurement tool in order to quantify the risk
exposure to the market. This fact illustrates the extraordi-
nary significance of the VaR model. Yet, despite the sig-
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nificance of the VaR tool and popularity amongst financial
practitioner the level of sophistication to construct the VaR
is far from high.

In fact, the most employed method to determine the
VaR is through historic simulation and RiskMatrics which
gives raise to limitations of the real world applicability
of the tool. It is hence the attempt of many academics to
estimate the VaR with a continuously increasing level of
sophistication, where most of the risk is explained in an
autoregressive manner such as the GARCH model. How-
ever, recently the stream of research is devoted to a more
structural approach in which market and firm specific fac-
tors are incorporated into the VaR model and this paper
will be tied to this stream by attempting to expose the func-
tionality of fundamental values such as P/E ratio and Debt/
Equity Leverage ratio in the VaR model.

Aim. The aim is to determine if there is a measurable
relation between the two aforementioned fundamentals and
equity risk measured by Historical Simulation VaR model.

Literature review. Research conducted by Banz [1],
Stattman [5], Rosengerg et al. [4] and Fama and French [3]
has yielded that firm specific and market related variables
can help explain the expected stock returns. The expected
returns and the quantiles are characteristics of the actual
return distribution and hence it is worth investigating if
there is any relation to VaR which is why I concentrate
my research on P/E ratios that indicates the over (under)
pricing of equities and the Debt/Equity Leverage ratio that
indicates the likelihood of default, ergo of substantial neg-
ative returns.

The 1000% VaR provides a value such that the prob-
ability of observing a loss greater than VaR is smaller the
confidence level 1-a for a given timeframe, where the
time frame can vary from very frequent such of one day
for example and up to 10 days in other cases for market
risk and up to one year for credit risk or operational risk.
In essence the VaR gives an indication of the tails of the
profit/loss distribution bell-shaped curve. In probabilistic
terms this may seem quite trivial as it is merely the nega-
tive of the 1- alpha probability quantile of the returns dis-
tribution, however in practice because of this definition the
actual estimation of VaR becomes quite sophisticated.

Consequently, there is a need for further research of the
fundamental and market variables power with respect to
better VaR estimations. To the best of our knowledge the
fundamental and market variables were not assessed with
respect to the VaR models performance. Thus, there is a
substantial field for further research in this area.

Material and methods. The empirical study executed
in this dissertation is based upon a data set downloaded
from DataStream I/B/E/S database. The obtained informa-
tion includes the prices, P/E ratios and leverage ratios of
the individual stocks contained in FTSE 100 stocks index
for the period from 01/01/1990 until 01/01/2013.

The total number of stocks employed for the purpose of
the study is 101, each producing 6001 observation. These
equities were included in the FTSE 100 index either all the
time or, at least, at some point during the above mentioned
period. The FTSE 100 is one of the major European equity
indexes and the main index of the London Stock Exchange
(LSE). The portfolio examined in this paper is represent-
ative for the UK market because the securities selection
is limited to UK equities only. Additionally parameters
such as liquidity, free-float and market capitalization are

included in the index. One might argue that FTSE 100 is
not representative of the entire market as it only includes
the top market capitalized companies, which account for
81% of the whole LSE. However, there is a substantial
argument in support of its use as the constituents are fre-
quently traded and, therefore, this kind of portfolio nearly
eliminates the data shortage issue. Moreover, it may be
stated that the usage of the stocks included in the FTSE
100 index is focusing the research on the UK market, what
narrows down the research.

The timeframe for the empirical study was chosen to be
from 01/01/1990 until 01/01/2013. The decision about the
upper bound dwells upon two main arguments. On the one
hand, there is an aim to use the most recent data to make
the results as applicable as possible, but, on the other hand
there is a data availability issue that limits the end date
of the period to 01/01/2013. The issue is, in essence, the
reporting standards of the companies: some of the included
stocks do not have the leverage ratio in the DataStream 1/B/
E/S database or any other database. The lower bound of the
estimation period has less robust justifications. However, it
is still appropriate to consider the dataset length limitation
because of two reasons: firstly the FTSE 100 index was
established only in 1984 and secondly, following the vol-
atility clustering. The volatility clustering is proven to be
caused by the information publication time patterns and by
the behaviour of market participants. Both of these patterns
were continuously changing within the timeframe. Patterns
forced by different regulation requirements, different atti-
tude of the market participants and level of technological
service more than two decades ago, have changed and will,
therefore, not fully represent the contemporary way the
financial markets work. That is why it seems reasonable
not to go beyond the 1990’s and thereby lowering the dis-
crepancy of the patterns that continuously changes.

Furthermore, there is a need to describe the obtained
data specifics. Firstly, it has to be mentioned that all the
3 variables downloaded from the DataStream I/B/E/S data-
base are identically calculated and restricted in the same
way for all 101 companies to maintain the consistency of
the research results. Secondly, those specifics have to be
described for the research purposes.

The price (P) of equity is considered to be the official
closing price of the day: the mid between the closing ask
and bid prices obtained from the exchange’s automatic
quotation system. The data availability for P is rising
steadily throughout the period from 60 companies on the
01/01/1990 to 101 on the 18/05/2011 and maintains the full
availability till the end of the period.

The Price-to-Earnings (P/E) ratio is the price divided
by the earnings rate per share (EPS) at the required date:
taking the price as described above and the EPS is the
latest annualized rate that may reflect the last financial
year or be derived from an aggregation of interim period
earnings provided by the local sources. The observation’s
count rises steadily from 59 on the 01/01/1990 to 97 on the
09/04/2008 and pivots around the 97 level towards the end
of the timeframe.

The Leverage (Lev) ratio is the percentage of total
debt of the company to the common equity: calculated as
the sum of the Long Term Debt and the Short Term Debt
divided by the Common Equity and multiplied by a hundred
to get percentages, however there may be adjustment in the
formula according to the industry standards (DataStream).
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The count for the number of observations is rising steadily
from 66 on the 01/01/1990 to 101 on the 01/01/2009 and is
starting to drop on the 02/07/2012 towards the level of 88
on the 31/12/2012.

Empirical results.

1. Portfolio formation.

This empirical study is based upon the back testing pro-
cedure of VaR models that are estimated on a number of
portfolios. The overall portfolio contains the returns of the
FTSE 100 constituents during the period starting on the
01/01/1990 and ending on the 01/01/2013. Moreover, this
portfolio is split into 4 parts according to the level of the
firm specific variables, i.e. P/E ratio and Leverage ratio.
Additionally, two types of ranking procedures are applied,
as described in the methodology chapter: simple ranking
and percentile ranking. Firstly, the study analyses 1 overall
portfolio and 4 portfolios for each type of the ranking for
both P/E and Leverage ratio. The summary statistics of the
returns of all the 17 portfolios can be found in Table 1.

A couple of interesting observations can be made from
this data. Firstly, the trends in the expected returns are
described. When the percentile ranking is used, one may
be able to see that higher expected returns are more likely
to appear in the middle P/E and leverage ratio portfolios.
This might be the case, because of the methodology of the
percentile ranking procedure, which is the base for per-
centile portfolio formation in this study. This result shows
that the percentile ranking itself represents better the mid-
dle part of the P/E or leverage ratio distribution among
the FTSE 100 firms and puts less stocks into the extreme
percentiles thus minimizing the case of outliers. Moreo-
ver, it may be concluded that in our sample of companies
at each point in time there are stocks with a lot higher or
lower P/E and/or leverage ratio then the average value,
which supports the hypothesis of how dispersed the P/E
and leverage values are within the sample. However, when
the simple ranking is used, a clear trend is observed, where

high P/E firms have lower expected return than low P/E
ones. That outcome is supported by the theoretical under-
standing. In addition the equities with a P/E value close to
the average exhibit a reverse pattern. The ones with a P/E
slightly higher than the mean value have lower returns than
the ones that are slightly lower than the average P/E. This
trend may be supported by the behavioral argument of the
market participants that hesitate to pull the price further
away from the average.

However, the explanation still needs to be evaluated
consistently to give the clear evidence of such an argument.
On the other hand, the percentile ranking expected returns
in the leverage sorted portfolios show the higher expected
returns towards the average levels of leverage with higher
ones for a little below average levels of leverage and vice
versa. Surely the extreme values of P/E are not appreciated
by the market participants, what is reflected in their lower
expected returns. The simply ranked leverage portfolios
follow the exact same pattern and, therefore, lead to iden-
tical conclusions.

Secondly, the standard deviation has to be reconsid-
ered. As the features of the concentration of equities in the
middle of the P/E or leverage distribution by the percen-
tile ranking was already mentioned, it supports its usage
for evaluation of P/E and leverage values around the aver-
age. The actual values are high proving the higher level
of uncertainty when the figure is closer to the average for
both fundamental variables implemented. The higher level
of standard deviation for low P/E as well as for low lever-
age values than for their high counterparts is explained by
the bigger trading spreads, caused by higher interest in the
stocks from market participants, and the increased risk of
bankruptcy respectively.

Thirdly, the results for skewness and kurtosis are pre-
sented. The sample used has a close to zero, but positive,
skewness across all of the portfolios, which does not go
in line with the academic literature forecasts. This can

Table 1
Portfolios’ summary statistics
mean std. skewness kurtosis min max
Overall 600.86 269.06 0.35 -0.90 181.45 1,181.47
%P/E top 25 387.80 356.85 1.99 3.95 13.02 1,950.00
%P/E midtop 25 644.21 747.04 2.70 8.84 18.66 6,410.00
%P/E midbot 25 603.84 695.79 4.68 30.72 19.65 6,655.00
%P/E bot 25 610.55 267.66 0.18 -0.86 156.59 1,270.78
P/E top 25 650.99 390.10 0.98 0.47 154.53 1,874.37
P/E midtop 25 615.84 248.17 0.21 -0.59 146.42 1,417.05
P/E midbot 25 634.50 307.51 0.77 -0.25 161.46 1,518.83
P/E bot 25 518.48 254.34 0.76 0.04 123.72 1,352.63
%Lev top 25 458.50 222.43 1.69 2.98 160.38 1,402.64
% Lev midtop 25 623.12 658.86 3.01 10.08 13.50 3,808.84
%Lev midbot 25 672.56 459.33 1.07 0.82 149.38 2,640.63
% Lev bot 25 503.51 323.97 0.57 -0.50 22.32 1,444.75
Lev top 25 597.53 330.52 0.66 -0.57 159.29 1,426.11
Lev midtop 25 575.63 289.08 0.66 -0.49 175.11 1,363.32
Lev midbot 25 577.26 213.82 0.61 0.23 185.42 1,226.56
Lev bot 25 651.77 289.61 0.01 -1.08 181.25 1,259.96
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be explained by either a good overall performance of the
FTSE 100 index equities during the sample period, what is
actually historic reality or by the index picking the stocks
that only perform good, what may be the case, but does not
explain the fact that only 1 stock leaves the index during
the whole sample period. The kurtosis estimates might also
be affected by the same argument; however, the portfolios
which contain more stocks have a significantly lower kur-
tosis than the portfolios with fewer stocks. Therefore, it
may be concluded that the number of stocks in the portfolio
pushes the distribution towards normality, which is exactly
in line with the theoretical expectation. Conclusively, the
general trend in slightly negative kurtosis and slightly pos-
itive skewness can be derived from the results, which over-
all supports the normality argument.

In addition, it is important to understand what the value
of the rolling window size is. In this paper the rolling win-
dow size o is set to equal 1000, however other window
sizes, such as 500 and 250 may also be tested in the fur-
ther research. In this chapter the results are based on the
®=1000, as the conclusions are consistent for all window
sizes. For all the portfolios the one-day-ahead out-of-sam-
ple estimates of VaR are calculated, which can be then
back tested against the corresponding actual realizations.

As it was mentioned earlier, the probability a value in
1000% VaR usually varies from 95% to 99%. Furthermore,
the Basel Committee on Banking Supervision (1996)
directives set the required regulatory capital to be directly
dependent on the 99% VaR internal models. Therefore, in
this dissertation all the VaR models incorporate the proba-
bility level of 99% as well.

Table 2 Lastly, before transitioning to the VaR models results,
Portfolios’ number of observations there is another important aspect to mention: the ranking
Min Max Average results (Table 2). These are extremely helpful for the above
Overall 101 101 101 analysis.
2. Historical Simulation VaR model: results and
%P/E top 25 1 19 4.69 assessment.
%P/E midtop 25 0 29 251 The overall results for the simplest VaR estimation
% P/E midbot 25 0 65 1236 method (ngtogcgl ?r&ul?oz] gtlglen t}rlé Il)prtfollos teztfid
are summarized in Table 3. e portfolios are used to
ZP/E bot 25 6 2 62.3 estimate a 99% VaR with the rolling window of ®=1000
P/E top 25 1 % 47 observations. In addition the mean VaR for t.he portfolio is
. : denoted by JaR. Furthermore, the backtesting results are
P/E midtop 25 10 27 19.56 also given. The LRUC figures represent the p-values calcu-
P/E midbot 25 13 28 19.95 lated in the unconditional coverage test, LR,y and LR are
P/E bot 25 14 30 22.87 also the p-values of the test for independence of violations
and for conditional coverage test, respectively. Additionally,
%\Lev top 25 3 100 14.22 there is a need to mention that the LR, values are calculated
%Lev midtop 25 0 91 12.61 according to the methodology used by Christoffersen [2]. On
%Lev midbot 25 0 9 20.38 top of that, the Basel II “three color scheme” is applied to all
% Lev bot 25 0 91 34.64 the results from here onwards showing the red, yellow and
green models with bold, italic and normal font respectively.
Lev top 25 B 25 1942 Table 3 shows thqt the total percentage of Violatioons
Lev midtop 25 1a 25 2017 for.the. overall portfolio is equal to appr0x1mately 0.99%,
T ov midbot 25 3 25 2019 which is reglly close to the VgR estimation gonﬁdence level
: of 1%, which was used. This conclusion is backed up by
Lev bot 25 16 35 22.04 the value of unconditional coverage test, which shows that
Table 3
Performance of Historical Simulation VaR method (P/E portfolios)
Percentile ranking
Decile | Overall top25 midtop25 midbot25 bot25
Historic
mean VaR 0.0264 0.2238 0.4121 0.3903 0.0563
% Violations 0.9998 1.0998 1.1998 0.8798 1.3997
LR uc 1.00 0.49 0.17 0.38 0.01
LR ind 0.00 0.27 0.00 0.00 0.16
LR cc 0.00 0.43 0.00 0.00 0.01
Simple ranking
Decile Overall top25 midtop25 midbot25 bot25
Historic
mean VaR 0.0264 0.1439 0.2102 0.1771 0.1797
% Violations 0.9998 13197 0.9398 1.0798 0.6999
LR uc 1.00 0.03 0.67 0.58 0.02
LR ind 0.00 0.18 0.34 0.28 0.48
LR cc 0.00 0.04 0.58 0.47 0.06
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the null hypothesis of the significant difference between
the realized portion of violations and the estimate confi-
dence level is clearly rejected. The extremely small value
of the LR;,, for the overall portfolio, however, brings up the
idea of a significant dependence between the violations, in
this way, bringing the overall conditional coverage test
results not in the support of the model.

Moreover, among the results for the portfolios that are
completed using percentile ranking with respect to the P/E
ratio, the dependence of the violations can be tracked for
all of them but for the top 25" percentile firms. That brings
the idea of higher P/E firms VaR estimation has more power
than the lower ones. This statement is also supported by the
highest p-value for the unconditional coverage test for the
top 25" percentile portfolio among all P/E portfolios, which
are formed using the percentile ranking. Additionally, the
pattern of higher dependence between violations for the
portfolios with high P/E ratios may be also seen from the
highest p-value of the test for dependence of violations. As
mentioned before, the percentile ranking is more appro-
priate to compare the top 25" and bottom 25" percentiles,
because it takes into account not the 25% of top P/E firms,
but the firms with actual high P/E according to the spread of
P/E in the overall portfolio. Thus, for more insight into the
medium P/E firms simple ranking based portfolios should be
considered. The outcomes of the application of the uncondi-
tional historical simulation model on the portfolios normally
ranked supports the above mentioned argument. As the sim-
ple ranking has better implications towards the middle of the
P/E distribution of equities, the second (middle top) quartile
has better results than the third (middle bottom) quartile with
respect to both unconditional coverage test and test of inde-
pendence of the violations, which consequently gives better
results for conditional coverage test. However, the top P/E
and bottom P/E quartile show lower dependence of viola-
tions, but they still produce more significant distortion in the
estimation of violations (unconditional coverage test).

Table 4 shows the leverage ratio portfolios results. The
leverage ratio sorted, using the percentile rankings, shows
much better fit of the unconditional historical simulation
model for the higher levels of leverage and the lower it
becomes the worse results of unconditional coverage test
are. However, they still experience a high level of depend-
ence of violations, according to the p-values for the test
of the independence of the violations. This can be easily
explained by the data specifics: the percentage of leverage
(debt to the common equity) is reported on the regularly
basis and, therefore, do not change for considerably long
periods of time before new reports are released.

The results of the portfolios sorted using the simple
ranking, fully support the conclusion about high leverage
— better fit. An interesting fact is the second (middle top)
quartile result for the test of dependence of violations that
argues for much lower dependence of violations in the
medium high levels of leverage. This fact may be explained
by the negative reaction of the market participants towards
the excessive leverage ratios.

Conclusion. Summarizing the overall result of the
empirical study undertaken it is possible to say that there
is a relationship between two fundamental variables, such
as P/E ratio and leverage ratio, and the estimation of VaR
using the Historical Simulation VaR model.

The theoretically correct relationship between P/E and
VaR estimation is supported by the empirical findings, that

Table 4
Performance of Historical Simulation VaR method
(leverage portfolios)

Percentile ranking
Decile top25 | midtop25 | midbot25 | bot25
Historic
mean VaR 0.0422 0.0445 0.0243 0.0531
% Violations 1.0198 1.2997 1.1798 1.5197
LR uc 0.89 0.04 0.21 0.00
LR ind 0.00 0.00 0.00 0.00
LR cc 0.01 0.00 0.00 0.00
Simple ranking
Decile top25 | midtop25 | midbot25 | bot25
Historic
mean VaR 0.0347 0.0361 0.0398 0.0379
% Violations 1.1198 0.9198 1.0198 0.9398
LR uc 0.40 0.56 0.89 0.67
LR ind 0.00 0.36 0.00 0.10
LR cc 0.00 0.55 0.01 0.51

is the higher P/E ratio is the less predictable VaR becomes.
Moreover, the relationship between leverage ratio and VaR
estimation also hold true according to the empirical evi-
dence. An important fact besides the direct positive rela-
tionship between VaR estimation and amounts of leverage
taken in percentage to common equity capital is found. The
fact is that the excessive amounts of leverage decrease the
returns predictability what, consequently, decreases the
power of VaR estimation models.

Additionally, there were some data limitations in the
empirical study that have to be mentioned. Firstly, the
geographical limitation of the stock picking process nar-
rowed down the sample to the FTSE 100 constituents,
the London Stock Exchange major index. Also there is
a liquidity argument that limits the opportunity of results
generalization, which, essentially, is about focusing on
the most liquid equities on the market and not taking into
account the less liquid ones. Lastly, the data issue with
the percentile ranked portfolios restricted their implica-
tion on the results.

Quite a few important conclusions come from the
empirical results of this paper as well. The usage of the
percentile ranking allowed to further understand the extent
of the dependence between the fundamental variables and
VaR estimation.

In comparison to the previous research in the area the
Historical Simulation VaR model was applied towards the
assessment of the importance of P/E and leverage ratio in
VaR estimation. In addition, to the best of our knowledge,
the percentile ranking was also introduced in achieving
that goal. The Historical Simulation VaR model was tested
with respect to incorporation of P/E and leverage ratio in
the estimation process. The result was supporting the His-
torical Simulation model to be the most efficient in VaR
predictions.

The areas for further research may include the testing
of the different rolling windows in VaR estimation with the
fundamental variables included, the testing of other VaR
models for P/E and leverage ratio and other fundamental
variables, the incorporation of business cycles and other
exogenous economic factors into the model.
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IInornikoBa M.D.
KaHOUOam eKOHOMIYHUX HAYK, OOYeHN!,

Odoyenm Kageopu iHHOBAYIIIHO20 NIONPUEMHUYINBA MA IHEECMUYIIHOL JisibHOCHII,
JKumomupcokuti HayioHanbHUL a2poeKoNo2iuHULL YHIeepcumem

TOTAL COMMUNITY - MEXAHI3M YIIPABJIIHHA PO3BUTKOM
CL/IBCBKHUX ITIOCEJIEHb

TOTAL COMMUNITY — CONTROL MECHANISM THE DEVELOPMENT
OF RURAL SETTLEMENTS

VY cTarTi pO3KpUTO CYTHICTh Ta (PYHKIII CYCHUTBHUX IHCTUTYIH ¥ (hopMyBaHHI 3acaj CUTECHKOTO PO3BUTKY. BusHa-
YeHO MEXaHi3MH JOCATHEHHS CTAIOCTI Ta INTAHOMIPHOTO XapaKTepy PO3BHUTKY CLITbCHKHAX TepnTopiﬁ B YMOBax robaiiza-
uii Ta ﬂeueHTpanBaun BJIaJIHUX TIOBHOBaXKEHB B YKpaiHi. OKpecIeHo 0cOOIMBOCTI JAisIIbHOCTI Ta HANPSIMK OPMYBaHHST
HalliOHAIBHOI TOJIITHKK BIAPOKEHHS CeJia 32 y4acTI0 TPOMaJChKUX OpraHi3aliil Ta IHCTpyMEHTIB MI>KHApPOIHOTO pery-
JIIOBaHHS CYCIUIBHOTO PO3BHUTKY.

KuarouoBi cioBa: cranuii po3BUTOK, CITbCHKHH PO3BHUTOK, CYCIJIBHI IHCTHTYIil, TpOMaJaChKi Ta MIXHAapOJHI
oprasizarii.

B crarbe pacKpbIThI CYIIHOCTD U (DYHKIIMU OOIECTBEHHBIX HHCTUTYTOB B (DOPMHUPOBAHUK OCHOB CEITLCKOTO PA3BUTHSI.
OmnpeneneHbl MEXaHU3Mbl JOCTHKCHHUS YCTOWYMBOCTH U TUIAHOMEPHOTO XapaKTepa Pa3BUTUS CEJIBCKUX TEPPUTOPHUIl B
YCIIOBUSIX TII00ATU3ALNY U JICIIEHTPAIU3alMH BIACTHBIX MOJTHOMOYMH B YkpanHe. O003Ha4eHbl 0COOCHHOCTH JESATEIb-
HOCTH ¥ HampasieHns! (POPMUPOBAHHS HAIIMOHAIBGHON MOJNTHKH BO3POXKJICHNUS Cella C Y4acTHEM OOIIECTBEHHBIX Opra-
HU3aIUi 1 HHCTPYMEHTOB MEX/yHapOIHOTO PETYIMPOBAHNS OOLIECTBEHHOTO Pa3BUTHSL.

KirodeBble cii0Ba: yCTOMUYMBOE pPa3BHTHE, CEIbCKOE PAa3BUTHE, OONIECTBEHHBIE HHCTHUTYTBHI, OOIECTBEHHBIE U
MEKIYHapOAHbIEC OPTaHU3ALMH.

The essence and functions of social institutions in forming the foundations of rural development. The mechanisms
to achieve sustainability and systematic nature of development of rural territories in the conditions of globalization and
decentralization of power in Ukraine. Marked features of the activities and directions of the formation of the national
policy for the revival of the village with the participation of public organisations and instruments of international regulation
of social development.

Keywords: sustainable development, rural development, public institutions, public and international organizations.

IMocranoBka mnpodsemu. [noGanizauiiiHi Mpouecu
CBITOBOT E€KOHOMIKH nepe,u6aqa}oTL PO3BUTOK BIZITHOCHH
IPHPOH 1 CyCHiJIbCTBa B HaHpHMl rapM0H13au11 Ta B3a-
eMonii Ha 3acamax aneprn Ta BianosizampHOCTI. B3a-
€MO3AJICKHICTh CYCIUIBHUX IHCTUTYLIH 13 HAaC/IiIKaMH Ta
MPOIeCaMH, 0 MPOTIKAI0Th, 3yMOBWJIN MOCHJICHHS PO
TEPUTOPIAILHUX TPOMaJ] Ta BIAINIOBIJHY JCLIEHTPAI3allil0
YIpaBIiHHS K B YKpaiHi, TaK 1 Ha MI>KHAPOIHOMY PiBHI.
Boanouac 11i poliecy NoeTHyIOTHCS 13 CHCTEMOY TBOPIOIO-
YUMH MAX0AaMH 10 GOPMYBaHHS €JMHOTO CBITOBOTO ITPO-
CTOpY, AKHH 3a0e3medye 3arajJbHUH PO3BHTOK 32 YMOBH
30epekeHHs JIOKaabHOi aBTeHTHYHOCTI. Ili mpoTunexHi

nporiecu chopMyBaiu 0a3y IJisl MOSIBY BiAMOBIIHUX 1HCTH-
TyHid Ha JIOKAJILHOMY, PEriOHAILHOMY, HaIliOHAJIHHOMY,
Ha/IHALIIOHAILHOMY Ta II06aIbHOMY PiBHAX. IX mojanbIne
BUBUCHHS, OOIPYHTYBaHHSI Ta CTPATEriuHi NEpPCIEKTHBU
PO3BUTKY € METOIO IAHOTO JOCIIPKSHHSI.

AHaJi3 ocTaHHix gocaimkensb i myGaikanii. Ctpyk-
TypHi, (QyHKIIOHaNbHI Ta gemorpadidHi nmpobiemMu peri-
OHAJIbHOTO PO3BHUTKY, & TaKOXK HAMPSIMU 1X BUPINICHHS
3HAUIILIN CBOE B1IOOPAXKCHHS y YUCCIBHIX MPAISIX BITYH3-
HSHUX Ta 3apyODKHUX HociinauKiB. 3okpema, O.B. Ckunan
BHUBYAE ACTICKTH JEPKABOTBOPUOI iSUTBHOCTI 3 ITO3MITIH
(opMyBaHHS HAI[iOHATBLHOI MPOTOBOIBKYOI TOMITUKU [1].
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