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Abstract

The main objective of the paper is to develop a system of economic and mathematical models for
managing the investment activity of the coal mining enterprise, including improving the
principles and methods for analyzing the profitability of investment projects and the optimal
allocation of investments. Therefore, the article addressing the following issues:

—  to determine the objectives of investment activity in coal mining enterprises;

— to systematize and identify statistically significant factors influencing investment activity in
coal mining enterprises - affecting investment in coal mines;

—  to form an economic-mathematical model for determining the amount of money that a coal-
mining enterprise can allocate to investing;

—  to form an economic-mathematical model for determining the enterprises profit as a result of
the investment project implementation;

—  to demonstrate expediency and perspective of the complex of developed model’s
implementation, to check their practical efficiency;

With the help of neural networks, a model was built based on 12 kinds of investment (9 kinds of
investments into equipment, capital investment, portfolio investment, intangible assets
investments) which are the most typical for a coal-mining enterprise.

The method of optimization of investment allocation on a coal mine was developed, which, in
contrast to the existing ones, determines the optimal investment volume, which helps to
maximize profits for 12 investment models.

As a result the method of optimization of investment allocation on a coal mine was developed,
which, in contrast to the existing ones, determines the optimal investment volume, which
helps to maximize profits for 12 investment models.

Keywords: coal industry, investments, statistically significant factors, economic and mathematical
models, neural networks, optimization.

JEL Classification: C45, E22, L72.

INTRODUCTION
Nowadays an insignificant investment activity in the Ukrainian coal-mining industry can be

noticed. Therefore, in the period of limited investment resources, the effectiveness of their rational
use comes to the fore. To solve such tasks, an improved methodology for optimal distribution of
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limited investment resources is needed, which is tailored specifically to the coal mining industry
and takes into account those characteristics that can influence the efficiency of investments. It
indicates the relevance of the problems that are posed and solved in the research.

The questions of investment activity are studied by many scientists all over the world, but
their research does not exhaust the whole complex of issues related to this problem.

In 1959, the first official standard methodology - the definition of the economic efficiency of
capital investments, which was the subject of mandatory application in all branches of the national
economy, was approved in the USSR.

Instead of the old methods of calculating the efficiency of investments that were used during a
planned economy, the methods of calculating the economic efficiency of investments that were used
in industrialized countries were borrowed at the initial stage of Ukraine's restructuring.

But, despite the fact that the methods of assessments of investment processes as well as the
conditions for their application are defined and worked out by international practice of developed
countries, one should not rely on their versatility and perfection. Many Ukrainian economists and
scientists believe that it is unsuitable for use without a thorough study of specific conditions and
taking into account the specifics of socio-economic processes that are characteristic for Ukrainian
society (Pavlenko, 2017; Maidukova, 2010; Amosha et al., 1999).

At present, the economic justification of investment projects in mines is a multidimensional
space consisting of natural and cost indicators (Pavlenko, 2017).

In summarizing all the approaches to optimizing the methods of determining the effectiveness
of investment projects, we see that they all consist in changing the interpretation of the main
indicators of determining the effectiveness of investment and in modifying these indicators, as well
as in changing the set of indicators involved in assessing the effectiveness of the investment project
(Amosha et al., 1999; Vorontsovsky, 2016; Purayev, 2015; Damodaran, 2016; Bryntsev, 2017;
Stanislavchik, 2017; Stanislavchik, 2017). The method proposed for use in any enterprise.
Consequently, they do not take into account the peculiarities of the functioning of the structure to
which they are applied.

In the process of creating the optimal investment plans for mining companies it is nessesary to
take into account all parts of the mine. The financial performance of the mine and its investment
needs affects a large number of factors - from the financial and economic to geological conditions.
Therefore, the determination of factors that are directly dependent on the performance of investment
activities is relevant (Sally et al., 2002; Trifonova et al., 2005).

METHODOLOGY

Setting objectives. It is necessary to form a complex investment project, the realization of
which will have a positive impact on the profit increase of coal mining enterprises. Investments are
presented in 12 types most characteristic for coal-mining enterprises of Ukraine:

A material investments: investments in mine winders; investments in fan units;
investments in compressor units; investments in pump stations; investments in transport
installations; investments in decontamination plants; investments in thermal power units;
investments in the mine surface plant; investments in electrical installations; other capital
investments;

B. financial investments: portfolio investments;

C. intangible investments: training, research and development.

Regarding the source of the project's investment, the task is that solved within the framework
of this work involves increasing the efficiency of the use of the company's own funds.

Solving this task will answer the following questions:

1. What is the amount of money that can be allocated to investing in coal mining enterprises?
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2. What level of profit will be obtained by a coal-mining enterprise in the case of realization
of a particular investment project?

3. How to allocate between the 12 types of investment funds allocated for investing in order to
maximize profits?

Stages of solving the problem:

Stage 1. Development of an economic-mathematical model for determining the volume of
investment in a coal-mining enterprise.

The purpose of the model is to determine the amount of money that a coal-mining enterprise
can allocate to investing at its own expense.

Stage 2. Development of the economic-mathematical model for determining the profit of a
coal-mining enterprise depending on the volume of investments by means of neural networks.

The purpose of the model is to determine how the level of investment affects the profit of the
coal mining enterprise.

Stage 3. Development of a model for determining the optimal volume of investment in a coal
mining enterprise. Make a breakdown of investments by 12 types of investment, which will help to
maximize the profit of the coal mining enterprise. The economic-mathematical model for
determining the optimal amount of investment combines the results of the work of the models
mentioned in the previous two stages.

Stage 4. Verification of the model of determining the optimal investment volumes using the
classical methodology for evaluating the effectiveness of investment projects.

1. Data collection

An analysis of literary sources on the issue of identifying factors (Pavlenko, 2017;
Maidukova, 2010; Amosha et al., 1999; Vorontsovsky, 2016; Purayev, 2015; Damodaran, 2016;
Bryntsev, 2017; Stanislavchik, 2017; Stanislavchik, 2017; Sally et al., 2002; Trifonova et al., 2005)
that have an impact on investment activity has revealed many indicators, proposed as priority, and
which refer to specific directions.

Data on investment activity in mines for 13 of their associations was collected, each of which
consists of 3 to 7 privately owned mines, for the period of 2003 - 2011. The total amount of the data
in the table is 132 lines and 12 columns, so it will not be posted here.

To verify the influence of the selected factors, a correlation analysis was performed on the
collected data. Correlation coefficients are presented in the form of a triangular matrix in table 1.

Table 1
Correlation matrix

Xl | X2 | X3 | X4 | X5 | X6 | X7 | X8 | X9 | X10| X11|X12|X13 | X14 | X15 | X16

0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16

X, | 04 | 10

X; | 01 ] 00| 10

Xy |10 (04|01 10

Xs {0307 (01]02] 10

Xs [ 03]08|00]03|05]| 10

Table 1 continuation on the next page
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Table 1 continuation

0 1 2 3 4 5 6 7 8 9 10 11 12 13 14 | 15 | 16

X, | 0208|001 03|04]|09]| 10

Xs | 03080103 |05|09]|08] 10

X | 0306|0103 |06 ]|07]07]05] 10

X | 03,0801 (03|05(|09]|08]09]|06]10

Xy, (03109010306 |07)|06]|07]|04]|06]| 10

X | 0308|0004 03|08)|08|08]|05]08]06]| 10

X3 03,0901 |04)|06)|07)06 07 |04|07]09]|06]| 10

X4 | 0310900 03|06 |07]|06|07)|04]07)|09)06]|09]10

Xss | 0410302040102 02|02|03|03|02)]04]|03]02]10

Xs | 0304010403 |03)|02,|04|04|04)]04|03|04)|03]|06] 10

Symbols in the table: X3 - Income; X, - Profit; X3 - Average wholesale price; X, - Coal
production volume; Xs - Mine winders; X5 - Fan units; X7 - Compressor units; Xg - pump stations; X
- Transport installations; Xip - Decontamination plants; X;; - Thermal power units; Xi, - Mine
surface plant; X13 - Electrical installations; X14 - Other capital investments; X35 - Investments in the
financial portfolio; X6 - Intangible investments.

As can be seen from the table, factors such as average wholesale price, coal production
volume, investment in the financial portfolio and intangible investments almost do not affect profit.
Therefore, these factors were excluded from the general data array when creating coal mine
investment models.

In addition to the financial indicators, production parameters were added to the input factors,
such as: residual reserves in million tonnes, average geological thickness of the coal seams,
maximum operating depth in meters, length of mine workings in km, incident angle of the coal
seams, production (designed) capacity in million tonnes per year. As well as physical and
mechanical parameters of coal produced at these mines: average ash content%, average moisture
content%, average sulfur content%.

2. Neural network model construction

At the stage of making a decision on the appropriateness of an investment project, there are
two main questions:

1) what volume of investments will be optimal for a particular investment project in the given
parameters of the enterprise - profit, production volumes, geological factors;

2) what will be the economic effect of a certain amount of investment, that is, the level
of profit.

To answer the above questions, building a model by means of neural networks is required.

The most acceptable in this case is the choice of a two-layer perceptron and an algorithm for
the reverse error propagation.

This type of neural networks is well-researched and described in the scientific literature. A
similar network can simulate functions of almost any degree of complexity, and the number of
layers and the number of elements in each layer determine the complexity of the function.

As a function of activation, the sigmoid was chosen, which is very commonly used for
multilayer perceptrons and in other networks with continuous signals:
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. 1
OUT = sigm (NET) = —— (1)

where:

OUT - network output

NET - the weighted average amount obtained in the first stage of calculating the output value
of the neuron.

Sigmoid function is often used for multilayer perceptrons and other networks with continuous
signals, because it has such positive qualities as:

— smoothness;

—continuity of function;

—the continuity of the first derivative, which allows to train the network.

In order to increase the adequacy of the model before the training of the perceptron, the input
and output data were centered and normalized according to the following rule:
— updated standardization of input data:

+ - )
where:
M, — average value X;

O, — mean square deviation X.

The obtained value belonged range of -4 to 4 with a probability of 0.99. In order to obtain
data in the range from 0 to 1, assuming that the distribution law for the factors X and Y is normal,
the following formulas have been made:

— updated standardization of input data:

3
where:
M, — average value Y;

O — mean square deviation Y.

The training error was calculated using the formula of the cumulative quadratic deviation
between the desired (y) and the actual output at the network (OUT) signals for all sets of the
training set:

12 2
E:EkZ(yk_OUTk) ) 4)

where:
E — total squared error (training criterion),
P — number of examples in the training set,

Y desired output value,

OUT - really got the output of the network,

k — example number.

Since all calculations of weighting factors were made in the integral system for complex
statistical analysis and processing in the Windows environment — Neuro Excel, all further
explanations for the calculations are given in the terminology of this particular application.
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2.1 Modeling of the investment volume

For this modeling, a dual-layer neural network was built that has 11-3-12 architecture
(number of inputs — the number of neurons in the first layer - the number of outputs) and the
following parameters:

a number of layers without input (Number of layer) = 2;

a number of inputs (Number of inputs) = 11;

a number of neurons in the first layer (Layerl, neurons) = 3;

an order of non-linearity of the first layer (order) = 1;

a type of output function of the first layer (function) = sigmoid;

a number of neurons in the second layer (neurons) = 12;

an order of non-linearity of the second layer (order) = 1;

a type of output function of the second layer (function) = linear.

The neural network was trained using the following settings: the nature of the test sample is
set to Random, because the random selection of the test set is the most significant for the
approximation problems; initial error of elements (Initial delta) = 0,1; minimum error (Minimal
delta) = 1 x 10-8; maximum error (Maximal delta) = 10; decrease step Nu (-) = 0,5; increment step
Nu (+) =1,2.

At the first step, the training was completed when it reached the number of 1000 epochs. The
training error 0.07 was received, which was stabilized when the mark reached 886 epochs. Small
deviations of the real data line from the data provided by the network were obtained graphically. In
other words, the network produces the same set of data that was given as the input with a possible
error of no more than 1%. If the network is not trained to make accurate predictions on the
numerical values at which the training was conducted, it will lead to significant errors in prediction
on a new selection of numerical values (fig. 1).
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-10000

=1 real data data predicted by the

Fig. 1. The result of the neural network training — the line of real data and the line of the network
response
Source: compiled by authors
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The authors conducted an experiment to study the network with the use of other
architectures. During the experiment it was determined that the architecture network 11-3-12 has
the slightest error and better predictive capabilities.

The work of such a network is described by the formula (5):

OUT = sigm(A; Xi-;(sigm(Ay LiZ1 xiw) - wii)) (®)

where:

OUT — investments in mine winders; investments in fan units; investments in compressor
units; investments in pump stations; investments in transport installations; investments in
decontamination plants; investments in thermal power units; investments in the mine surface plant;
investments in electrical installations; other capital investments; portfolio investments; intangible
investments;

x; — profit; volume of production; average ash content of coal; average moisture content of
coal; average sulfur content; residual reserves in million tonnes; average geological thickness of the
coal seams; maximum operating depth in meters; length of mine workings in km; incident angle of
the coal seams; production (designed) capacity in million tonnes per year.

w; — the weight coefficient of i-th input of the neuron number j in the | layer;

w?. — the weight coefficient of j-th input of the neuron number « in the 2 layer i A > 0 — the
steepness coefficient of a continuous function f (net), approximate net = 0.5.

The total number of scales of the 11-3-12 network is 69. Based on the fact that the sample size
is 132, the neuron-based network is capable of modeling.

2.2 Modeling the dependence of the profit from investment

For the construction of the neural network, a statistical sample of 132 data units from mines
were used, where 131 data units for the period of 2003-2011 were used at the stage of neural
network training and data on the OJSC “Pavlogradvygillya” for 2012 was used as data for testing of
network forecasting properties, as in the previous sub-paragraph. The purpose of this model of the
neural network will be to determine the profit of mines, taking into account a certain level of
investment by type of investment.

Unlike the model developed in the previous subsection, the input data here will be
investments by type (material, financial, intangible). Also, the geological factors were added,
including the main characteristics of coal mined. The profits of the coal mining enterprise are taken
as input data.

To solve this problem, a two-layer perceptron was developed, where the input was the value
of investment volumes according to the enterprises, geological factors and technical properties of
coal, and the forecast on the profit as an output parameter was made. The construction of the neural
network was carried out according to the algorithm used in paragraph 2.2.1.

To determine the significance of the inputs used for the given outputs, the satisfactory ratio
between average and dispersion was calculated:

X1=1,67/0,13=12,8.

At the first stage, a two-layer neural network was constructed with 21-3-1 architecture (the
number of inputs - the number of neurons in the first layer - the number of outputs) and the
following parameters:

a number of layers without input (Number of layer) = 2;

a number of inputs (Number of inputs) = 21,

a number of neurons in the first layer (Layerl, neurons) = 3;

an order of non-linearity of the first layer (order) =1,
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a type of output function of the first layer (function) = sigmoid;

a number of neurons in the second layer (neurons) = 1;

an order of non-linearity of the second layer (order) =1,

a type of output function of the second layer (function) = linear.

The neural network was trained using the following settings: the nature of the test sample is
set to Random, because the random selection of the test set is the most significant for the
approximation problems; initial error of elements (Initial delta) = 0,1; minimum error (Minimal
delta) = 1 x 10-8; maximum error (Maximal delta) = 10; decrease step Nu (-) = 0,5; increment step
Nu (+) =1,2.

At the first step, the training was completed when it reached the number of 1000 epochs. The
training error 0.01, was received, which was stabilized when the mark reached 728 epochs. Small
deviations of the real data line from the data provided by the network were obtained graphically. In
other words, the network produces the same set of data that was given as the input with a possible
error of no more than 1%. If the network is not trained to make accurate predictions on the
numerical values at which the training was conducted, it will lead to significant errors in prediction
on a new selection of numerical values (fig. 2).
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Fig. 2. The result of the neural network training — the line of real data and the line of the
network response
Source: compiled by authors

The authors conducted an experiment to study the network with the use of other architectures.
During the experiment it was determined that the architecture network 21-3-1 has the slightest error
and better predictive capabilities.

The work of such a network is described by the formula (6):

OUT = sigm (A, Xj-1(sigm (& B2, x; wij)w)) (6)
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where:

X; — input factors: investments: mine winders; fan units; compressor units; pump stations;
transport installations; decontamination plants; thermal power units; mine surface plant; electrical
installations; other capital investments; portfolio investments; intangible investments; average ash
content of coal; average moisture content of coal; average sulfur content; residual reserves in
million tonnes;

geological factors: average geological thickness of the coal seams; maximum operating depth
in meters; length of mine workings in km; incident angle of the coal seams; production (designed)
capacity in million tonnes per year.

w;; — weight coefficient of the i-th input of the neuron number j in the first layer

w; —weight coefficient of j-th input of neuron of the second layer,

OUT - output signal of the neural network - profits of the coal mining enterprise,

A1 and A2 — coefficients of steepness of the sigmoids of the first and second layers, 17 and A2
were approximately 0.5.

Thus, the total number of scales of the 21-3-1 network is 66. Based on the fact that the sample
size is 132, the neuron-based network is capable of modeling.

2.3 Investigation of predictive properties of the obtained models

In order to establish the modeling properties of neural network models developed in
paragraphs 2.2.1 and 2.2.2, testing of the training quality using test set is required.

At this stage, the generated primary model is further tested as a prognostic tool on a series of
test data that were not included in the training sample. In this way, the test set should be different
from the training one. To this end, data on the performance of OJSC “Pavlogradvygillya” for 2012,
which was not taken for the neural networks training, was used.

To test the “Modeling the volume of investment” neural network, developed in paragraph
2.2.1. the inputs of the network were prepared, among which there are the values of profit, volumes
of production, technical properties and geological factors of coal at OJSC “Pavlogradvygillya” in
2012. With the help of the NeuroExcel add-in, based on the already trained neural network, the
modeled output data was received, including the volumes of investment by types presented in table
2.

Table 2
Results of quality assurance of forecasting of the investment volume model
Indicators

SQlolo | 818 o|lo|lololo | o | o
[ee) (o) (°e] o M~ o o
Real data e N N O I e T e e O I I e N = I !
gl | I Q| Y|lo|lo|F|om|om | B |N | a0 | N
Data predicted by E RS f E 2| |8 |X|B|K E S| 8|38
the network S | & > B Y| BI51LR18 |3 I S| & | &
" 4| I a8 a|w]lo|la|V¥Ylo| 2|8 |Q|«a|x |«
Deviation s Z;— I S e I AR b N i g = g S|1s|S |
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Symbols in the table:

1 - investments in mine winders;

2 - investments in fan units;

3 - investments in compressor units;

4 - investments in pump stations;

5 - investments in transport installations;

6 - investments in decontamination plants;

7 - investments in thermal power units;

8 - investments in the mine surface plant;

9 - investments in electrical installations;

10 - investments in other capital investments;

11 - portfolio investments;

12 - intangible investments.

Consequently, the level of investment obtained as a result of the modeling almost coincides
with the actual data, taking into account a slight deviation.

Graphically, the result of testing the neural network is shown in fig. 3, which represents the
coincidence of the line of real and predicted data.

So, we can conclude that a trained neural network of “investment volume determination”
can show high accuracy of the investments modeling for mines in Ukraine with minimum error rate.

400,00
350,00
300,00
250,00
200,00
150,00
100,00 N
50,00 g :
0,00
-50,00

= real data data predicted by the network

Fig. 3. Research results of modeling properties of neural network modeling for investment
volumes
Source: compiled by authors

In order to test the "Modeling of mine profit from investments” neural network, developed in
paragraph 2.2.2. the inputs of the network were prepared, among which there are value of
investments by type (material, financial, intangible), technical properties and geological factors of
coal at OJSC “Pavlogradvygillya” in 2012. With the help of the NeuroExcel add-in, based on the
already trained neural network, the modeled output data was received, including the level of profit,
which is 52106.4 thousand UAH, the real profit received by OJSC “Pavlogradvygillya” is 52089.00
thousand UAH. The deviation of the real indicator from the modeled one was 17.4 thousand UAH,
which is an error of only 0.00028%.
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3. Optimization of investment

For the formulation and solution of an optimization task, the purpose of which is to maximize
profits of a coal mining enterprise, the already built economic and mathematical models based on
the application of neural networks have been taken as the basis:

—a model for determining the amount of investment in a coal mining enterprise;

—economic-mathematical model for determining the profit of a coal mine from investments.

Thus, the optimization task is a synthesis of the developments on the above-mentioned
models in order to maximize profits.

In the set task of optimization it is chosen:

unknown x1 - x12 - standardized by (2) the value of investment in: investments in mine
winders (X1); investments in fan units (X2); investments in compressor units (X3); investments in
pump stations (X4); investments in transport installations (X5); investments in decontamination
plants (X6); investments in thermal power units (X7); investments in the mine surface plant (X8);
investments in electrical installations (X9); other capital investments (X10); portfolio investments
(X11); intangible investments (X12).

The average indicators of coal technical characteristics and geological factors are constant
values according to a separately investigated coal-mining enterprise, that is standardized for (2):
residual reserves in million tonnes (X13), average geological thickness of the coal seams (X14),
maximum operating depth in meters (X15), length of mine workings in km (X16), incident angle of
the coal seams (X17), production (designed) capacity in million tonnes per year (X18). As well as
physical and mechanical parameters of coal produced at these mines: average ash content% (X19),
average moisture content% (X20), average sulfur content% (X21).

X X X Xy s X0, X Xy X0, X, are constants,

Target function will look like:
OUT—max.
Limitations on:
a) the total amount of investments should not exceed the amount that the coal-mining
enterprise has allocated for the development of each type of investment. So:

(x — %)807( +m, < (OUT - %)80}/ +my,

i=1..12;
0) investment volumes by the type of investment must be inalienable:

(x — %)807( +m, >0,

i=1..12;
B) At the request of the enterprise, additional restrictions are imposed by type of investment in
case of necessity to purchase equipment, etc.:

(X, —%)80x+ m <Z,

i=1..12,
where Zi — amount of investment that an enterprise needs to invest in a certain type of

investment.
As a result of solving the optimization task, the amount of investment investment for each
type of investment is found, which increases the profit of the considered enterprise. Thus, the
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solution of the optimization task makes possible to make an investment plan for a specific coal
mining enterprise, taking into account the peculiarities of its work and the experience of other mines
in Ukraine. The solution of this optimization task can be done using Microsoft Excel tools, which is
convenient for mining enterprise management that has only Microsoft Office programs.

The calculations were performed using Excel spreadsheets by the Newton method. The
optimal investment project for OJSC “Pavlogradvygillya” for one year was calculated, using the
model of determining the optimal investment volumes presented in table 3.

Table 3
The optimal investment plan for a coal mine

Investments by type Thousand UAH

Mine winders 58,4
Fan units 46,7
Compressor units 35,1
Pump stations 31,2
Transport installations 50,6
Decontamination plants 31,2
Thermal power units 39

Mine surface plant 50,6
Electrical installations 46,7
Other capital investments 146,1
Investment portfolio 92,1
Intangible investments 29,2
Total: 656,9

RESULTS AND DISCUSSIONS

Based on the results of the allocation of investment resources identified in the solution of the
optimization task, the total amount of investments for 2012 amounted to 656.9 thousand UAH,
which is 66.9 thousand UAH. more than suggested by the company's management. Moreover, the
model proposed to increase the investment of money in research and development, training,
securities. According to the main types of equipment, the model provides the same investment
amounts as in the investment project of “Pavlogradvygillya” OJSC. Reduction of investments by
the model is proposed in direction of other capital investments and for certain types of equipment.
The financial indicators proposed by the neural network and obtained as a result of the
implementation of the investment project of the company with the definition of absolute growth, are
given in Table 4.

Table 4
Dynamics of the main financial indicators as a result of the investment project implementation,
UAH ths.
FI PFI FIE, FIM, AGE AGM
2011. 2012 2012,
Profit 2210,00 2275,00 2270,00 2523,00 65,00 313,00

where:

FI — financial indicators;

PFI — planned financial indicators;

FIE; — financial indicators received by the neural network as a result of the implementation of
the investment project proposed by the enterprise;
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FIM, — financial indicators for 2012, obtained as a result of the investment project
implementation after solving the optimization task;

AGE — absolute growth from the realized investment project planned by the enterprise;

AGM - the absolute growth from the investment project implementation after solving the
optimization task.

Perform a comparison. As can be seen from Table. 4, both investment projects - the
optimization investment project and the plan of management of the coal mining enterprise - proved
to be effective and have a positive impact on the increase of the main financial indicators compared
to the previous ones in 2011. But the project, obtained as a result of the solution of the optimization
problem, more intensively affects the increase of the main financial indicators of the coal mining
enterprise. The profit, obtained as a result of the investment project of the enterprise, amounted to
2270,00 thousand UAH, and the resulting optimization distribution of investment resources -
2523,00 thousand UAH, thus the amount of the economic effect was 253,00 thousand UAH.

In order to test the methodology for determining effective investment volumes, the classical
methodology for evaluating the effectiveness of investment projects was used [16-21]. The
following set of indicators was used:

1. The present value (PV) is calculated for the constant discount interest by the formula:

PV = z P
IR TCEE
where:

Pt — cash receipts for a selected time period,
r — discount interest.
PV =2523.0/ (1 + 20%) = 2102.5 thousand UAH

2. Net present value (NPV) is defined as the amount of streaming effects (i.e., exceeding
revenue over expenses) for the entire estimated project period over those in the beginning of the

project:
Pf - ICt
NPV = Z
(1+nr)t

where:

ICt is the investment (expenses) made during a selected time period.

If NPV value is positive at a given discount interest (NPV> 0), the project can be considered
effective and consider its acceptance or further analysis. The higher the NPV value is, the more
effective the project is. If NPV <0, then the project is considered ineffective.

NPV = (2523 — 656,9) / (1 + 20%) = 8886,19

3. The index of return on investment (RI) is the ratio of the sum of these effects to the

investment volume, i.e.:
Pl = z i Ic
N - 1+t /
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The return on investment index (index of profitability) is closely related to the NPV: if NPV
value is positive, then RI> 1, and vice versa. Thus, if RI> 1, then the project is considered effective,
and if RI <1 - it is ineffective.

PI = (2523 / (1 + 20%)) / 656,9 = 18,28

4. The internal rate of return (IRR) is the norm of the r discount when NPV = 0 (this means
that the size of the consolidated effects is equal to the consolidated investment), which is
determined by the formula:

IRR—Z i
IRTCEDE

The NPV value of the investment project reflects its efficiency at a given predetermined rate
of the r discount, and the IRR is determined by the method of successive approximations and
compared with the required rate of return on investment. If the IRR value is not less than the
required return on investment, then the investments are worthwhile. Otherwise, the project is
rejected.

With the IRR indicator, the maximum relative cost level acceptable for the analyzed project
can be determined. For example, if the project is fully funded by a commercial bank loan, the IRR
value indicates the upper limit of the acceptable level of the bank interest rate, the excess of which
turns the project into an unprofitable one.

65
IRR =
1+20%

= 3128 thousand UAH

5. The account rate of return (ARR) is the ratio of the average annual net profit of the project
Pcp (balance profit minus deductions to the budget) to the average annual amount of investment
ICcp (without residual or liquidation value):

Pep

ARR = - 100%

Cep

The ARR indicator is calculated without discounting costs and profits, so it does not allow
to consider the difference between projects with similar annual average profits, but those that vary
in time.

ARR = (2523 / 656,9) - 100% = 3,84

6. The payback period (PP) is the minimum time interval (from the beginning of the
project), beyond which the integral return on the project becomes positive and remains the same. In
other words, it is a period of time from which initial investments and other costs associated with the
project are covered by the results. The sequence of calculating the payback period depends on the
uniformity of distribution of the estimated return on investment. If the profit is distributed over the
years evenly, then it is proposed to use the following formula:
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where:
P/ is the annual profit from capital.

PP =656,9 /2523 = 0,26

Thus, based on the calculation of the efficiency of an investment project using the classical
methodology for assessing the investments efficiency, we can conclude that, in accordance with all
of the above indicators, the project proved to be effective.

CONCLUSIONS

The authors received a number of important results that make up the scientific novelty of the
work.

For the first time: theoretical aspects of management of investment activity at the coal
mining enterprise, which are reflected in the complex of economic and mathematical models, which
include determination of profit of the mine from the realization of the investment project,
determination of necessary investment volumes and optimization of their distribution on the
criterion of profit maximization, are developed;

Improved:

- a model for determining the effectiveness of investments, which allows to determine
the profit of the coal mining enterprise from the implementation of the investment project. Unlike
existing ones, the model takes into account a group of factors inherent in the coal mining industry
itself, such as geological factors and technical characteristics of coal;

— - the model of the neural network, which performs the definition of necessary
investments in a coal mine at the expense of its own funds in conditions of uncertainty, which,
unlike existing ones, takes into account geological factors and technical characteristics of coal;

- a model for optimizing the distribution of investments in a coal mine, which, unlike the
existing ones, determines the optimal volumes of investment that help maximize profits not only by
types of investments (tangible, financial, intangible), but also by 12 kinds of investments (9 kinds of
investments in equipment, investments in capital investments, securities portfolio, intangible
investments), which are most characteristic for a coal mining enterprise;

Got further development: the classification of factors that influence the efficiency of
investment projects in coal mining enterprises, to which, in addition to the existing ones, technical
characteristics of coal have been added.

REFERENCES

Afonin, 1. V. (2006). Innovacionnyj menedzhment i jekonomicheskaja ocenka real'nyh investicij
[Innovation management and economic evaluation of real investments: a training manual],
Moscow, Russia (in Russian).

Amosha, A. I. and Birinberg, B. M. (1999), Ugol'naja promyshlennost' Ukrainy: problemy i
reshenija [Coal industry of Ukraine: problems and solutions], IEC National Academy of
Sciences of Ukraine, Donetsk, Ukraine (in Russian).

Blank, I. A. (2007). Finansovyj menedzhment [Financial Management], Kiev, Ukraine (in
Russian).

Bocharov, V. V. (2000). Investicionnyj menedzhment [Investment Management], St. Petersburg,
Russia (in Russian).

Bryntsev, A. N. (2012). Investicionnyj proekt: da ili net [Investment project. Yes or no], Moscow,
Russia (in Russian).



MANAGEMENT AND ENTREPRENEURSHIP: TRENDS OF DEVELOPMENT
ISSUE 3 (09), 2019

Damodaran, A. (2016). Investicionnaja ocenka. Instrumenty i metody ocenki ljubyh aktivov
[Investment valuation. Tools and techniques for determining the value of any asset], ,
Moscow, Alpina Publisher, Russia (in Russian).

Maidukova, S. S. (2010), “On the question of investment in coal mines”. Economic Bulletin
Donbass, Vol. 1 Issue 19, pp. 44-49 (in Russian).

Marenkov, N. L. (2007). Osnovy upravlenija investicijami [Fundamentals of investment
management], Moscow, Russia (in Russian).

Pavlenko, I.I. (2006), “On the problem of assessing the investment attractiveness of mines”,
materialy mizhnarodnoi naukovo-praktychnoi konferentsii [Materials of the international
scientific-practical conference], Problemy i perspektyvy innovatsijnoho rozvytku ekonomiky
Ukrainy [Problems and prospects of innovative development of economy of Ukraine],
Dnipropetrovsk, Ukraine, pp.194-195 (in Russian).

Pavlenko, L.I. (2007), Management of investment processes in the coal industry of Ukraine,
National Mining University, Dnipro, Ukraine (in Russian).

Purayev, A. (2011). Kompromissnaja ocenka jeffektivnosti investicionnyh proektov. Issledovanie i
razrabotka [Compromise assessment of the effectiveness of investment projects. Research and
development], LAP LAMBERT Academic Publishing (in Russian).

Qi, L. and Sun, J. (1993). “A nonsmooth version of Newton’s method”, Mathematical
Programming, Hong Kong, China, pp. 353-367. Available at:
https://doi.org/10.1007/bf01581275

Stanislavchik, E.N. (2001), Biznes-plan. Upravlenie investicionnymi proektami [Business plan.
Management of investment projects], Moscow, Os’-89, Russia (in Russian).

Stanislavchik, E.N. (2017), Biznes-plan: Finansovyj analiz investicionnogo proekta [Business plan:
Financial analysis of investment project], Moscow, Os’-89, Russia (in Russian).

Sutskever, ., Martens, J., Dahl, G., and Hinton G. (2013). “On the importance of initialization and
momentum in deep learning”, Proceedings of the 30th International Conference on Machine
Learning, PMLR, 28(3), pp.1139-1147

Trifonova, E.V. and Skazhenik, Yu.B. (2005). “To the definition of the “price” of the parameters
forming the level of economic reliability of the coal mine”, Economics: problems of theory
and practice, Dnepropetrovsk, Vol. 204, Issie 1V, pp. 1054-1063 (in Russian).

Vakhrin, P.1. (2002). Investicii [Investments], Moscow, Russia (in Russian).

Vilensky, P.L., Livshits, V.N. and Smolyak, S.A. (2001). Ocenka jeffektivnosti investicionnyh
proektov. Teorija i praktika. [Evaluation of the effectiveness of investment projects: theory
and practice: a practical training manual], Moscow, Russia (in Russian).

Vorontsovsky, A.V. (2003). Investicii i finansirovanie. Metody ocenki i obosnovanija [Investments
and financing. Assessment and justification methods], St. Petersburg University, Moscow,
Russia (in Russian).

Zell, A. (2001). Biznes-plan: investicii i finansirovanie, planirovanie i ocenka proektov [Business-
plan: investments and financing, project planning and evaluation], Moscow, Russia (in
Russian).

CIIMCOK BUKOPUCTAHUX IKEPEJI

Adonun U. B. ITHHOBallMOHHBIM MEHEIXKMEHT U YKOHOMMYECKAs OLEHKA PEaIbHbIX MHBECTUIIHIA:
yaebHoe mocodue. Mocksa: ["apaapuxu, 2006. 301 c.

Awmoma A. U., bupun6epr b.M. YronbHas NpoMBIIUIEHHOCTh YKpauHbL: MpOOJIeMbl U PELICHHUS.
Honenk: UDIT HAH Ykpaunsl, 1999. 96 c.

brnank U. A. ®uHaHCOBBIH MEHEIKMEHT. 2-¢ u3A., nepepad. u mon. Kues: Dnpra Huka-llentp,
2007. 521 c.

Bbouapos B. B. UnBectunnonnsiii MenexmenT. Cankt-IlerepOypr: Iurep, 2000. 160 c.


https://doi.org/10.1007/bf01581275

Churikanova, O. and Lysenko, M. (2019). “Optimization management of investment for coal mines based on
neural network model”, Management and entrepreneurship: trends of development, 3(09), pp. 33-51. DOI:
https://doi.org/10.26661/2522-1566/2019-3/09-03

BbpeianieB A. H. IHBeCTUIIMOHHBIN MTPOEKT: Ja WK HET: Y4eOHO-MeTonudeckoe mocobrue. Mockaa:
Wznarensckuii moM « OKOHOMHYECKas ra3eray, 2012. 126c¢.

HNamonapan A. VMHBecTHIMOHHAs OIEHKA. VHCTPYMEHTHI M METOJbI OIEHKH JIFOOBIX aKTHBOB.
Mocksa: AnprnuHa [Tabmumep, 2016. 1316 c.

MaiinykoBa C. C. K Bompocy MHBeCTHIIMI B YrojbHbIC MIaxThl. ExoHOMIuHMI BicHHK J[oHOAcy.
2010. Ne 1 (19). C. 8-11.

Mapenkos H.JI. OcHoBsl ynpasienus: unsectuniusiMu. Mocksa, 2007. 480 c.

[TaBnenko M. U. K npoGieme OlEHKH MHBECTUIIMOHHOMN MPUBIICKATEIIBHOCTU AaxT. [Ipobremu i
nepcneKmuey IHHOBAYIIHO20 PO36UMKY eKOHOMIKU YKpainu: wmartepiald MiKHApOAHOI
HayKOBO-TIpakTu4yHOi KoHbpepeHi, Jl.: HI'Y, 2006. C. 194-195.

[TaBnenko M. WM. VYnpaBneHue HHBECTULUHOHHBIM IPOLECCOM B YIOJBHOM NPOMBILIJIEHHOCTH
VYkpaunsl: MoHoTpadus. HanmonansHbIi ropasiid yH-T. Jlnenponerposck, 2007. 235 c.

ITypsee  A.C. KommpomuccHass omeHka 3()QPEKTUBHOCTH WHBECTUIMOHHBIX  IPOCKTOB.
Hccnenosanue u paspaborka — LAP LAMBERT Academic Publishing, 2011. — 276 c.

Qi, L. and Sun, J. (1993). “A nonsmooth version of Newton’s method”, Mathematical
Programming, Hong Kong, China, pp. 353-367. Available at:
https://doi.org/10.1007/bf01581275

CranucnaBuvk E. H. buznec-man. YnpaBineHne HHBECTUIIMOHHBIME TTpoekTamMu. MockBa: Och-89,
2001. 128 c.

CranucnaBuuk E.H. busnec-nnan: ®duHAHCOBBIA aHAIU3 WHBECTUIIMOHHOIO NpoekTa. Mocksa:
Jem-89, 2001. 96 c.

Sutskever, I., Martens, J., Dahl, G., and Hinton G. (2013). “On the importance of initialization and
momentum in deep learning”, Proceedings of the 30th International Conference on Machine
Learning, PMLR, 28(3), pp.1139-1147

Tpudonona E.B., Cxaxenuk H0.b. K onpenenenuto «1ieHs» napaMmeTpoB, GOpMHUPYIOIIUX YPOBEHB
SKOHOMHUYECKON HAJCKHOCTH YTOJIBHOM MIAaXThl. EKOoHOMIKA.: npobiemu meopii ma npakmuxu.
. 2005. Bum. 204, T. 4. C. 1054-1063

Baxpun I[1.M. MaBecTuiuu. Yuebuuk. M.: M3marenscko-ToproBas kopropamus «Jlamkos u Ky,
2002. 384 c.

Bunenckuii ILJI, JluBmmn B.H, Cwmomsax C.A. Omnenka 3¢h(})EKTHBHOCTH HWHBECTUIIMOHHBIX
npoekToB. Teopus U mpakTHKa. 2-€ u31., mepepad. u gor. Mocksa: Jleno, 2002. 888 c.

Boponnosckuit A. B. MuBecTnumu u ¢puHaHcupoBanue. MeTob! OlleHKH U 000cHOBaHMsI. MOCKBa.
2003. 528c.

3emnp A. busnec-mnaH: MHBeCTHIMHM U (DUHAHCUPOBaHWE, TUIAHUPOBAHHE W OIIEHKA MPOEKTOB.
Mocksa: Ocb-89, 2001. 240c.

OIITUMI3AIIA YIIPABJISTHHS THBECTHUIIISIMHA HA BYTLUIBHIN IITAXTI 13
3ACTOCYBAHHSIM MOJIEJII HEMPOHHUX MEPEX

Yypikanosa Ouiena FOpiiBHa JIncenko Mapuna OJjiekcanapiBHa
HTY «/[ninpoecvka nonimexnixay 3anopizvkuil HayionanbHUll YHigepcumem
Aninpo, Yxpaina 3anopidcorca, Yrpaina

OcHOBHa MeTa CTaTTi TOJIATAE Yy poO3poOIl KOHIENTYadbHUX IIOJOKEHb Ta CHUCTEMH
€KOHOMIKO-MaTeMaTHYHUX MOJENe YNpaBiIiHHS 1HBECTULIHHOIO MiSUIBHICTIO BYTJIEBHJI00YBHOTO
MIJIPUEMCTBA, BKJIIOYAIOYM BJIOCKOHAJIEHHS MPUHLMIIB 1 METOMIB aHaji3zy HpuOyTKOBOCTI
IHBECTHUIIITHUX TPOEKTIB Ta ONTHUMAIBLHOTO PO3MOJLTY iHBECTHIIH. Buxoasuu 3 1mporo, y cTarTi
oOTpyHTOBaHA HEOOX1AHICTh BUPIIIICHHS TAKUX MTUTAHb:

—  BHU3HAUUTH IIiJII IHBECTUIIHHOT MiSTILHOCTI HA BYTVIEBUIOOYBHUX ITiITPHUEMCTBAX;

— CHCTeMaTH3yBaTH W BU3HAYUTH CTAaTHCTHYHO 3HAYUMi (PaKTOpH, SKi BIUIMBAIOTH Ha
IHBECTUIIIIIHY AISUTbHICTD HA BYTJIEBUI00YBHUX MiANPUEMCTBAX;
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—  chopMyBaTH €KOHOMIKO-MaTeMaTUIHY MOJIENTb BU3HAYCHHS OOCATIB iHBECTYBAHHS 3 METOIO
OTPUMaHHS CyMH, SIKY BYTJICBUI00YBHE MIAMIPUEMCTBO CIIPOMOYKHE BUILINTH HA IHBECTYBAHHS;

—  chopmyBaTH €KOHOMIKO-MaTeMaTHYHy MOJEIb BHU3HAYEHHS MPUOYTKY MiANpHEMCTBA Y
pe3ynbTaTi peasizallii IHBECTUIIIIHOTO ITPOEKTY.

— TIOKa3aTd JONUIBHICTh 1 MEPCIEKTHBHICTh BIPOBAKEHHS PO3POOICHOTO KOMILICKCY
MOJICJICH, TIEPEBIPUTH 1X MPAKTHYHY €(DEKTHUBHICTD.

3a 10MoMOror HEMPOHHHUX CITOK O0Yy/I0 MOOYyI0BaHO MOJENh 3a 12-Ma BUJAMU 1HBECTYBaHHS
(9 BumiB iHBecTHIIM B OOJaJHAHHS, IHBECTHUIli y KamiTajabHI BKJIAACHHS, y MOPTQENb MIHHUX
mamnepiB, HeMarepiaslibHiI IHBECTHIIIi), IO € HAWOUIBII XapaKTePHUMH IS BYIJIEBHIOOYBHOTO
mianpuemMcTBa. Po3po0iieHo MeTO MKy OnTUMI3allli po3MO Ty IHBECTHUIIIA Ha BYTUIbHIN IIaXTi, sIKa
Ha BIIMIHY BiJl iICHYIOUMX BU3HA4Ya€ ONTUMAaIbHI 0OCATH IHBECTYBaHHS, IO CIPUSAIOTh MaKCUMi3alii
npuOyTKy 3a 12-mMa moxensmu iHBecTyBaHHs. CTBOpEHI B XOAl JOCHIPKEHHS EKOHOMIYHI Ta
MaTeMaTH4YHI MOJIEI BUPILIYIOTh HACTYIHI MUTAHHS:1) aHai3 BIUIMBY T€OJIOTIYHUX (DAaKTOpiB Ta
TEXHIYHUX XapaKTEPUCTHUK BYTUIA Ha €(EKTUBHICTh POOOTH BYIJIE00YBHOTO ITiAMMPUEMCTBA Ta Ha
e(eKTUBHICTh 1HBECTHILIIH; 2) aHaji3 BIUIMBY 00cATIB 12 BHIIB iHBECTHIIN HA PiBEHb MPHUOYTKY
BYTUIBHOT IIAXTH; 3) BU3HAUCHHS CyMH, SIKY BYTUIbHA IIaXTa MOXKE BUJIUIUTH HA 1HBECTYBaHHS 3a
BJIACHI KOIITH; 4) BU3HAYCHHs MPHOYTKY BiJ MEBHOTO iHBECTHIIWHOTO MPOEKTY 3 ypaxXyBaHHIM
yCiX BHIIE3a3HAYEHUX MMapaMeTpiB; 5) MOKIUBICTh KOPUTYBAHHS 1HBECTUIIIITHOTO MPOEKTY 3 METOIO
OTPUMaHHSI MAKCUMaJIBHOTO MPHOYTKY.

KurouoBi cioBa: ByriibHa NpPOMHCIOBICTb, 1HBECTHIIl, CTATUCTUYHO 3HAUyIli (aKTopw,
€KOHOMIKO-MaTeMaTH4HI MO/IeJli, HeHPOHHI MEepeKi, ONTHMi3alis.

ONTUMM3ALNS YIIPABJIEHUSI THBECTUIIMSIMHA HA YFOJII)HOﬁ IMAXTE C
INMPUMEHEHHUEM MOJEJIM HEUPOHHOU CETHU

Yypukanosa Enena IOpreBna JIbicenko MapuHa AnekcaHIpoBHA
HTY «/lnenposckas noaumexnuxay 3anopooicckuii HaYUOHATLHBIU YHUGEPCUMEM
Anenp, Yxpauna 3anopoorcve, Yrpauna

OcHOBHasl 11eJ1b CTaThU 3aKJIIOYAETCS B pa3pab0TKe KOHIIETITYaJbHbIX MMOJ0XEHUH U CHCTEMBbI
SKOHOMHMKO-MaTEMaTHYECKUX  MOJENEH  YIpaBIEHHS  WHBECTULMOHHOM  JIE€ATEIBHOCTBIO
YIe100bIBAIOIIET0 MPEANPUATHUS, BKIIIOYAs COBEPLICHCTBOBAHNWE MPUHIMIIOB U METOJOB aHaIM3a
NpUOBIIIBHOCTY WHBECTULMOHHBIX TPOEKTOB M ONTHMAJIBHOIO paclpesieieHUus] HHBECTHUIIHH.
Hcxons u3 31010, B CTaTbe 000CHOBAHA HEOOXOIUMOCTh PEIIECHHS CIETYIOIUX BOIIPOCOB!

- OTPEAEIUTD LEJIN MHBECTUIIMOHHOM JIeTEeIbHOCTH Ha YIie100bIBAOIINX TPEIIPUATHSX;

- CHCTEMaTH3UPOBAaTh U ONPEICIUTh CTATUCTHMUECKU 3HAYUMBIE (DAKTOPHI, BIMSIOLINE HA
MHBECTULMOHHYIO JIESIT€IbHOCTD Ha YIIIe100bIBAIOIINX TPEIIPUATHIX;

- copmupoBaTh  HKOHOMHKO-MaTeMaTHuyecKas  MOJENb  ONpeelieHus  00beMOB
MHBECTUPOBAHUS C LIEJbIO NMOJIYUYEHHsI CYMMBbI, KOTOPYIO yriie00bIBarolee NpeaArnpusaTHe CiocoOHO
BBIIEJIUTh HA UHBECTUPOBAHUE;

- c(opMHPOBATh HIKOHOMHMKO-MaTeMaTHUEeCKasi MOJEIb ONpeAeTIeHNUs NPUObUIH NPEANPUATHS
B PE3YJIbTATE PeATU3al[M1 HHBECTULIMOHHOI'O IIPOEKTA.

- TIOKa3aTh I11e1eCO00Pa3HOCTh U MEPCIEKTUBHOCTh BHEIPEHUS pa3paOOTaHHOTO KOMIUIEKCa
Mojiesiel, MPOBEPUTH X MPAKTHUECKYIO 3PPEKTUBHOCTD.

C nmoMmoI1bI0 HeMPOHHBIX ceTeil OblIa mocTpoeHa Mojesb 1o 12-Tu BuaaM HHBecTUpoBaHUs (9
BUJIOB UHBECTHUIIMI B 000pYyJ0BaHKHE, MHBECTULIUU B KallUTAJIbHbBIE BIOXKEHUS, B TOPT(HEb EHHBIX
Oymar, HeMaTepualbHble  WHBECTHMIIMHM),  SBISAIOTCS  Hamboiee  XapakTepHbIMH IS
yriaenoObiBaomiero npeanpuatus. Pa3paborana MeTonuMKa ONTUMHU3ALMU  pacHpelesieHUs
MHBECTUIMI HAa YrOJIbHOM IIAaXTe, B OTIMYHME OT CYIIECTBYIOIIMX OIPEAEIAET ONTUMAJbHbIE
00BbEMBl HMHBECTHPOBAHUS, CIIOCOOCTBYIOIIMX MaKCHUMM3alMK MpuObuM 3a 12-10 MojensaMu
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nHBecTHUpoBaHus. CO3/1aHHbIE B XOJ/I€ UCCIIEIOBAHUS SKOHOMUYECKHE M MAaTEMaTUYECKUE MOJEIIH
pelIaT CcieayroIie BOMPOCh: 1) aHalu3 BIUSHUS TEOJOTMYecKUX (aKTOPOB M TEXHUYECKHX
XapaKTepUCTHK YT Ha 3(PQPEKTUBHOCTh pPabOTHl YIIeAOOBIBAIOIIETO NPEANPHUITHS W Ha
3¢ PEeKTUBHOCTh MHBECTUIIMMA, 2) aHAIW3 BIHMSIHUS OO0BEMOB 12 BHIIOB MHBECTHIIMH HA YpOBEHB
MpUOBUTA YTOJIBHOW MIAXTHI; 3) ONMpeNeIeHHe CyMMBI, KOTOPYIO YTOJIbHAsSI [IaXTa MOXET BBIICIUTH
Ha WHBECTHUPOBAaHUE 3a COOCTBEHHBIE CpelCTBa; 4) ompenesneHue NpUOBUIM OT OMPENEICHHOTO
WHBECTUIIMOHHOTO MPOEKTa C YYETOM BCEX BBIIICYNOMSHYTBHIX apamMeTpoB; 5) BO3MOKHOCTb
KOPPEKTUPOBKU MHBECTUIIMOHHOTO MPOEKTA C LENbI0 MOTYYSHHUS] MAKCUMAaJIbHOM MPUOBUIH.

KuroueBble cjioBa: yrojibHasi NPOMBIIUIEHHOCTh, UHBECTUIIMU, CTATUCTUYECKU 3HAYUMBIE
(bakTopbl, 5KOHOMUKO-MaTeMaTHUYEeCKHE MO/IETN, HEUPOHHBIE CETH, ONITUMU3ALIUA.



